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Business Data
Understanding ) Understanding
Data
Preparation

Modeling
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Deployment
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amit 3.1 JUNMUTENaUNTEUN1T CRISP-DM

N92U4N19 CRISP-DM Usenaumisg 6 11ma

1) ﬂﬂ‘iﬁ’]ﬂ‘]’muﬂyﬂ?@’qﬁ@ (Business Understanding)

ﬁgum@uu‘jm;idfﬂﬁmiﬁ’]mwL‘?]/ﬂsf@‘q‘jﬁ@ﬂiymLm:fijmqﬁ‘j:mﬁﬂmiﬂ‘j\‘m’]‘j
@mifw,mmﬂfymsfwyﬂ%;Tugﬂﬂm%wﬁﬁm%’um‘ﬁLmﬂxﬁﬂyﬂa@ WAZITUHENG
Frfinenadasny

2) m'iv‘hm']mmafwmjﬂ (Data Understanding)
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3) N9LAEENEBYA (Data Preparation)
o ¥ AT IR R oo .
ANILFILNYDYA \idufiazyin NYBYAALTITILIINNT NALLTUIDY AR TN
ﬁm@m:m%ﬂmm“ﬁu%’umuﬁ 4 1294 NSNS INATTN mﬁ@wﬂg@ﬁfmmmﬁmﬂ

nsulaseyanegugUuuniinasnis

4) N3RFN AR (Modeling)
Tudumoni suRonuasvaaasaanshunanany q untunfiazasnsaun e
Teyyninasnisla srmiuaas q Usuamasfmesiuunszluing e mlnlunad

LﬁNﬂxNNﬁﬁ!ﬂNqTﬁﬁuﬂ’]‘iLLﬂgT?.Iﬂ/iyﬁq

5) AnadmUarAnEn waasluiaa (Evaluation)
A15TRUSERNENTINIBILHLART (ATINT UADUTA 4 1R aTaalNIARE
Uszansnmwiesnananisin U lmeuuanrae iy F9lunaunazlssnvfasiifadn

UszAnEnniuaneeiuaen

6) navinluna i Trenas (Deployment)

mailueaiimsnzandige Ulmess Wedimszuazundymifinesnis

3.1.1 m‘iﬁﬁm’mlf’ﬂﬁ@‘qiﬁ@ (Business Understanding)

ALzl innsvinaasentanszuannisr ey aLarsTULALATIZAYBY A
Audgym efianimanisinsseyas UlstninUszlum Tnafigd inseranlaluaya
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3.1.2 m‘sv'hmfmlmaﬁ@*’nmj@ (Data Understanding)

HALATIENIBYA [EHinnssrusanaayaa i ulen www.kaggle.com uazlnediln
Aanyaeaya Olympic Games, 1986-2021 a1niulpigrueyad lmdenuviiniingaeda
2DYN FNMVBHA STHINIBYA ATHAANRIAYBRBYAT (nruazaalangianuuoma e

- PR o ¥ dkt ¥ (K7 < &
MIAATIEREBYALAEINaY AT N U ins uw TRy AU U o

1) wAsenraya (misnvinnnssausanaagasiniulen www.kaggle.com Tned

AMUANTTALUNT Olympic Games

= ka L Q  Owmpe Games = Fiters ) . |
o y
1
@
h'4 tions : Russian News 2020 e Cross-country_skiing
@ Datasets i e
<>
=

f@ 95Datasets wuness ~ B BB
©
e Olympic Games 2021 Medals - 38
= < 120 years of Olympic history: athietes and results - 1578
~
(<] T e o o - 0

Pesa 11 Otympic Games, 1986-2021

v P ated 17 cays
a8 1 100

Olympic Sports and Medals, 1896-2014 - wr
®  View Active Events = 7 ) 49408 1 Task obuns

ﬂ’lW'V‘I 3.2 ?Jﬂﬁﬂ@’lﬂ@ﬁﬂﬁﬂ‘ﬁ@l www.kaggle.com
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v P

2) WAATIIBYR (MRBNYAZEYA Olympic Games, 1986-2021 axilugnrayailas

WINYINNITILATIEN

= kaggle Q search 3
©® Do

® H
Olympic Games, 1986-2021

@ ce Results, Medals, Athletes and Hosts from Athens to Tokyo

@ Datasets

& '3. Petro « updated 17 days ago (Version 7)

® o ta  Tasks Code Discussion Activity  Metadata Download (46 MB) H

o C

@ Usability 100 L License Dati files © inal Auth » Tags

Context

mwf"r 3.3 ﬁﬂ?jjmj@ Olympic Games, 1986-2021

3) ﬁmyﬂyj@ Olympic Games, 1986-2021 ‘ﬁfﬂylﬁﬂﬂmﬁﬂLﬂymjﬂ'i:mum'ﬁ nI99LER
ﬂyﬂaﬂl@ waﬂym;jﬂ fﬁ"lmuﬂyﬂ:ﬂ@ ﬂfNNQQWNﬂWﬂﬂG“ﬂyﬂ&iﬂ TmﬂmﬂwﬂmwL%ﬂﬁfﬂéﬁmﬂyﬂgﬂ
ﬁg\mmm 4 Ta Tﬁy LLﬁ olympic_athletes, olympic_hosts, olympic_medals, olympic_results Traga
vnsvayany iR

Vv

TngmnanAiaanen (R engAEoy TN E AN AINIVSAY 197 fafl

ynrDyadt 1 AlARensn A olympic_meddls Tnsgnuayaiiazisznaulane dazinmn
Av, Ba918n19U29TH, Wa2eNFUT WA, Ussnnaeanatunisasuns, Ussnmmisey
51958, Usznnnsuasiig, snedeinfnnlssnmiis, URL aasinfivin, Zavinfivn, Zetlssme
 Bosngaun9lsune, 3afagera9lsINALLL 3 Fa8NHS, ATLHENNTLEETY, UTEian

AN RN
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A 8 < ) £ ¥ G " ' /] 3 L ~ N
1 discipline title  shug game event title event gender  medal_type participant_type participant_title  athlete_url athlete_full name country_name country_c country_3_letter_code
2 |shooting tokyo-2020 Trap Mixed Team  Mixed GOW GameTeam spain hatps:/folympics.co Fatima GALVEZ Spain (3 5P
3 |Shooting tokyo-2020 Trap Moed Team  Mixed GOWw GameTeam Spain Mtps://olympics.co Alberto FERNANDEZ  Spain 23 ESP
4 shooting tokyo-2020 Trap Mixed Team  Mixed SILVER GameTeam San Marino hitps://olympics.co Alessandra PERILU  SanMarino  SM s
5 Shooting tokyo-2020 Trap Mixed Team  Mixed SILVER GameTeam San Marnino Mtps://olympics.co Glan Marco BERTH $an Maring ™M SMR
6 |shooting tokyo-2020 Trap Mixed Team  Mixed BRONZE GameTeam United States of An hitps://olympics.co Madelynn Ann BERNA United States of US usa
7 'shooting tokyo-2020 Trap Mixed Team  Mixed BRONZE GameTeam United States of An hitps://olympics.co Brian BURROWS United States of US USA
8 [Shooting tokyo-2020 S0m Rifle 3 Position Women SILVER Athlete Mtps://olympics.co Yulia ZYKOVA ROC ROC ROC
9 |shooting tokyo-2020 $0m Rifie 3 Position Women BRONZE Athlete hitps://olympics.co Yulia KARIMOVA ROC ROC ROC
10 Shooting tokyo-2020 50m Rifte 3 Position Women GO Athlete hatps:/folympics.co Nina CHRISTEN Swittertand  CH sul
11 $hooting tokyo-2020 Som Rifle 3 Position Men BRONZE Athlete hatps://olympics.co Milenko SEBIC Serbia (5 SR8
12 shooting tokyo-2020 som Rifie 3 Position Men SILVER Athiete hatps:/folympics.co Sergey KAMENSKY  ROC ROC  ROC
13 |Shooting tokyo-2020 S0m Rifle 3 Position Men GO Athlete Matps://olympics.co Changhong ZHANG  People's Repudl CN o
14 [shooting tokyo-2020 25 Rapid Fire Pistc Men GO Athlete hitps://olympics.co Jean QUIQUAMPOIX |France FR FRA
15 |shooting tokyo-2020 25 Rapid Fire PistcMen SIVER Athlete hatps://olympics.co Leuris PUPO Cuba w ws
16 [Shooting tokyo-2020 25 Rapid Fire Pistc Men BRONZE Athlete hatps://olympics.co Yuehong L People’s Republ CN o
17 shooting tokyo-2020 10m Ale Rifie Men  Men SIVER Athlete hitps://olympics.co Lihao SHENG People’s Republ CN o
18 Shooting t0ky0-2020 10m Ale Rifle Men  Men GOW Athlete hatps://olympics.co William SHANER United States of US usA
19 Shooting tokyo-2020 10m Alr Rifie Men  Men BRONZE Athlete hatps://olympics.co Haoran YANG Pecple’s Republ CN =2
20 shooting tokyo-2020 10m Air Rifle wome/ Women SILVER Athiete hatps://olympics.co Anastasita GALASHINI ROC ROC  ROC
21 |shooting tokyo-2020 10m Ale Rifle wome: Women BRONZE Athlete hatps://olympics.co Nins CHRISTEN Switrertand (M sut
22 shooting tokyo-2020 10m Alr Rifle wome: Women GO Athlete hatps://olympics.co Qlan YANG Paople’s Republ CN o
23 shooting tokyo-2020 Trap Men Men GO Athiete hatps://olympics.co Jirt UPTAK Caech Republic €2 Qs
24 shooting tokyo-2020 Trap Men Men SIVER Athiete hatps://olympics.co David KOSTELECKY  Czech Republic €2 =3
25 shooting tokyo-2020 Trap Men Men BRONZE Athiete hatps://olympics.co Matthew John COWAIGreat Britain  GB GBR
26 Shooting tokyo-2020 Skeet women Women SILVER Athlete hatps://olympics.co Diana BACOS! taby m ma
27 shooting tokyo-2020 Skeet women Women GO Athiete hitps://olympics.co Amber ENGUSH United States of US USA
28 Shooting t0kvo-2020 Skeet women Women BRONZE Athlete hatos://olymoics.co Meng WE! Pecple’s Reoudl (N CHN
olympic_medats o .

ﬂ"mﬁl 3.4 gmapy | olympic_medals

Tumeunisulaswayaiinsausansuazidan(y egluguuuiinsandmsuinly

ArszntuiuneunaUln Tnenisinbidueeyafignaes ( Data deaning ) sinlaaanauens
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3.1.3 N19.A3ENEaYA (Data Preparation)
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NYALBYRTIAALRBNNI97N olympic_medals

A B C D E F
|Sports Game Gender |Team_type Medal Country_code
Canoe Sprint  |tokyo-2020 Women |Athlete GOLD USA
Canoe Sprint |tokyo-2020 Women |Athlete SILVER CAN
Canoe Sprint |tokyo-2020 Women |Athlete BRONZE UKR
Canoe Sprint |tokyo-2020 Men GameTeam GOLD CUB
Canoe Sprint |tokyo-2020 Men GameTeam GOLD CUB
Canoe Sprint |tokyo-2020 Men GameTeam SILVER CHN
Canoe Sprint |tokyo-2020 Men GameTeam SILVER CHN
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE GER
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE GER
Canoe Sprint |tokyo-2020 Men GameTeam GOLD GER
Canoe Sprint |tokyo-2020 Men GameTeam SILVER ESP
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE SVK
Canoe Sprint |tokyo-2020 Men GameTeam GOLD AUS
Canoe Sprint |tokyo-2020 Men GameTeam GOLD AUS
Canoe Sprint |tokyo-2020 Men GameTeam SILVER GER
Canoe Sprint |tokyo-2020 Men GameTeam SILVER GER
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE CZE
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE CZE
Canoe Sprint |tokyo-2020 Women |Athlete BRONZE DEN
Canoe Sprint |tokyo-2020 Women |Athlete GOLD NZL
Canoe Sprint |tokyo-2020 Women |Athlete SILVER ESP
Canoe Sprint |tokyo-2020 Women |GameTeam GOLD CHN
Canoe Sprint |tokyo-2020 Women |[GameTeam GOLD CHN
Canoe Sprint |tokyo-2020 Women |GameTeam SILVER UKR
Canoe Sprint |tokyo-2020 Women |[GameTeam SILVER UKR
Canoe Sprint |tokyo-2020 Women |[GameTeam BRONZE CAN
Canne Sorint  [tokvo-2020 Women |GameTeam RRONZF CAN

o

amit 3.5 AIBYATIAALABNNIIIN olympic_medal

| v
1%

angUnmigreyaidadanysznauas 5 weavadon (aun

Sports ﬂﬁ:ﬂ'ﬂﬂﬁ?‘]ﬂ Canoe Sprint, Diving, Fencing, Cycling Track

Game Usznaumag tokyo-2020, rio-2016

Gender Usznaumag Women, Men

Team_type Usznaunae GameTeam, Athlete
Medal Usznaunag GOLD, SILVER, BRONZE
County_Code ﬂﬁzﬂﬂug’m CHN, FRA, GBR, GER, HUN, ITA, RUS, UKR, USA
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ngnaeyai ladadensniuezuasvatonunsaaniinassuunlade County_Code
(ROC) imeann ROC FaUszwme Saide (RUS) iasarnnisuasdulud 2021 Usene Saids
(RUS)Tcﬁyﬁﬂﬁﬂﬂmm WADA (World anti-doping Agency) @Nﬁﬂiﬁﬂ‘jzlﬁw}mﬁumﬁﬁﬂﬁ
ABIMNENNSANT A9lavinnnssanmznssnnisleandndades Russian Olympic Committee
(ROC) Tun el unisuasiuleandninuaiiosiuasnsaledetUszme Smds (RUS) 121
u9iln Matumnagiasnnasun lauosnatan County_Code (ROC) Wiifindeszne Sade
(RUS) Lﬁﬂ?ﬁ?lymjZ\lﬂ’]‘aﬁLﬂ‘i’l:‘lquLNZ?Tﬂgﬂﬂq‘iWﬂﬂﬂ‘jﬂi@'ﬂﬂNWﬂ?\]’]ﬂLﬂﬁlﬂuﬁ/@ﬂﬁf\mLLf\Izﬁjﬂ’]’m
wansi
3.1.4 13§83 WINAS (Modeling)

f{;ﬁLﬂ‘ﬂ:ﬁ‘l;ﬂymjﬂL%Nﬂi:ﬂ.l’Mﬂ’ﬁﬁ"lL%ﬁﬂﬂ%ﬂ&uﬂeﬁmmu Data Classification e lzvinmng
wialunnsfintueeslasumnng T mﬂmﬂﬁﬂmﬁqLLuﬂﬂ'ﬁzmmyﬂwﬁfsﬂﬂfﬁﬂ‘;’]ﬂuLm
Decision Tree Lmzﬂ’ﬁffvvwmwaﬂmﬁﬁwﬁﬂmwﬁwuﬁu Naive Bayes tun15iU3guuny
AHUaEN WiadRnguanyaTidatdiusi TasTugnaayaiiladadonsnansm,

ﬁﬂ%ﬂﬁj@ﬁﬁmﬁﬂm\lﬂ“g Usznoume 5 waaviaden laun

- Sports Uﬁ:ﬂﬂugw Canoe Sprint, Diving, Fencing, Cycling Track

_ Game Usznaunag tokyo-2020, rio-2016

_ Gender 1sznaunag Women, Men

- Team_type Uszneumag GameTeam, Athlete

- Medal ‘U’izﬂﬂll@;‘]%l GOLD, SILVER, BRONZE

- County_Code ﬂ‘izﬂfﬂu&;’fm CHN, FRA, GBR, GER, HUN, ITA, RUS, UKR, USA

L3

AN98919INLAA Decision Tree A5¥iNN19ARMLADNLARVETIATRAITNANAUEAUAAE

! v
A L4

v v o A A Y o 1 '
N’]ﬂ%ﬂﬂﬁuﬂ%ﬂ‘lﬁ%uﬂ"ﬂﬂﬂ Tree ﬂ']‘ﬁﬁ’]ﬂrl'ﬁ\lﬂﬂwuﬁ"ﬂﬂflLL@G]V]‘EU'W’I‘T:L"VZZT“D'G]QQC’] Ctialels

q

Information gain (IG) HN1TATHIENNITAIH
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IG (parent, child) = entropy(parent) - [p(c1) x entropy(c1) + p(c2) x entropy(c2) +...]

1aavi entropy(c1) = -p(c1) log2 p(c1) uag p(c1) Aa Aramninasiiiuuas cl

1) waagUiila aann19miAnees 1G Ainnfigaiieazinndu Root 71 1 amnnasuam

MINNAVBIATUBAYVIBTIN A9 ANRFIT

|
=%

o ! aa ‘d‘d ! . . o/ o
ANTATUIDUATLDANTUIANHAT 1G NqﬂVINﬂNWLﬁH Root 284 Decision tree NUATUIN

9
k4

gy aviavnalae lanadnsiiu County_code fsfl

1.1) AUn1aAMIAT 1G 28euanvi3dan Sports AMNYBYARTNITAAINIAT IG (A

The

N

IG (parent, child) = Entropy (parent) -[p(W@a= Canoe Sprint) X Entropy(W&= Canoe Sprint)
+ p(Wa= Diving) x Entropy(W®a= Diving) + p(W&= Fencing) X Entropy(N@a= Fencing) + p(W&=
Cycling Track) x Entropy(W@&= Cycling Track)] N@ﬁwéﬂﬂﬁﬁfluﬂmﬁﬂ IG = 0.63

1.2) #9UN13ANINAT IG 2B94ann3 090 Game A1N2BYRFINITAAIUIUAT G (7

The

N
IG (parent, child) = Entropy (parent) —[p(Wa= tokyo-2020) x Entropy(W@a= tokyo-2020)
+ p(Na= rio-2016) x Entropy(Na= rio-2016)] N@ﬁ’wﬁrm‘éﬁ’]mmm IG = 0.16

1.3) #3UN19AUIAT 1G 289uann3lon Gender 9 MNYBYAFTHITOAMINAT IG (9

Phe

N
IG (parent, child) = Entropy (parent) —[p(W&= women) x Entropy(W&= women) + p(N&=
men) x Entropy(Wa= men)] N@ﬁ’wﬁrm‘éﬁ’]mmm IG = 0.06

1.4) Njﬂﬂq’ﬁﬁqu’)fuﬂ’l IG 29wannaian Medal @qﬂﬂﬂﬁﬂﬂqﬂ’]iﬂﬁqu’lmﬁ’] IG Tﬂ

Phe

N
IG (parent, child) = Entropy (parent) —[p(W&a= gold) x Entropy(Wa= gold) + p(Wa=silver)
X Entropy(W@a= silver) + p(W@&= bronze) x Entropy(Na= bronze)] waﬁwﬁmiﬁﬁmmm IG =

0.14
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1.5) Nﬁgﬂmﬁﬁflmméq IG #psuanvaTian Team Type @Wﬂ%’ﬂﬁjﬂﬂ’mﬂ‘mﬁﬁu’]mﬁﬂ IG
Tasai
|G (parent, child) = Entropy (parent) —[p(W&= gameteam) X Entropy(Wa= gameteam) +

o(Wa= Athlete) x Entropy(Ka= Athlete)] HAGNENITAIWINIAT IG = 0.04

INHAFTUNIANINLDIAN G 2aeunazuaan3donlunisatnnniigaiunisiong
i1 Root 71 1 Teian IG Annfigainanwesunsmaian Sport lnafan 1G ag#t 0.63 Aednnn

1134 Root 71 1 a7n3ilAIMIALEAEEaR8Y Root 71 2 aalil

2) naaU7 (A 91NN19991AN289 1G AAnnTigaiR aqazsiindu Root 7 2 a1nua

Vv
=

° & ! PN o X
ATHITLYINHNA YD ﬂ"lLL’rﬂ@WiU‘JW@QTﬂN@@Qﬁ

|
=%

o ! aan ‘zdld ! .. L o
NTTATHIUATLBINTLUINNHAT |G mﬂvmmmﬂu Root 289 Decision tree NUITHIN

q
k4

vayanavaalnalanadnaidu County_code fsfl

2.1) ﬂgﬁﬂqﬁﬁqmméﬂ G #@9usan3ian Sports(Canoe Sprint) & Medoal mﬂﬂymj@
AHTOFMIIAN |G TARIH

IG (parent, child) = Entropy (parent) -[p(Wa= gold) x Entropy(Wa= gold) + p(W&a= silver)
x Entropy(W@a= silver) + p(Wa= bronze) x Entropy(W®&= bronze)] HARWE NT1TATHITAA IG =
0.32

2.2) ﬂ‘gﬂm‘sﬁﬁmmcﬂ"] IG 2esuanvaian Sports(Diving) & Medal mﬂﬂyﬂ:ﬂﬂmmiﬂ
oA 1G TRsai

IG (parent, child) = Entropy (parent) —[p(Wa= gold) x Entropy(Wa= gold) + p(W&a= silver)
x Entropy(W@a= silver) + p(Wa= bronze) x Entropy(W®&= bronze)] HARWE NT1TATHITAA IG =

0.61
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2.3) ﬂ‘;ﬂmiﬁmqmﬁﬁ IG #89unAn3 T Sports(Fencing) & Gender @Wﬂ“ﬂyﬂﬂjﬂ
ANNTORIIDAN |G TART
|G (parent, child) = Entropy (parent) —[p(W&= women) X Entropy(Wa= women) + p(Na=

men) X Entropy(Ha= men)] NAFWSN13A14I04A G = 0.19

2.4) Nqﬁm‘jﬁqmméﬁ G 29ueanadan Sports(Cycling Track) & Gender @’m?lyﬂﬁdﬂ
ANNTORIIDAN |G TRRT
IG (parent, child) = Entropy (parent) —[p(W&= women) X Entropy(W&= women) + p(N&=

men) x Entropy(Wa= men)] N@ﬁwgmiﬁ’mqmﬁ’] IG =0.48

mﬂwmqmﬂiﬁﬂmmmm IG 'ﬂmLwimu,@mw’%ﬁqﬁumﬁmrﬁhuqﬂﬁqm%mﬁﬁﬂm
i34 Root 7 2 Tnefiezuumuanyaian Sports aanunuaazUsznveasiinenniugsie
IG ﬁaﬁﬂﬁ'qmmLLéﬂzLLﬂmw%ﬁqﬁfﬂLﬁu Root 71 2 Tpeifiezuusmnszinnansiing nsna
209A1 |G 2a9upavEdansiuenaNLsEMARN ISR ANUszIAN Canoe Sprint AN IG 284
uanviataafininiign Medal &A1 IG = 0.32 AWz Diving A1 IG AasuaAnataafinn
fign Medal flA1 1G = 0.61 imszian Fencing A1 1G 1suaRvETanfinniqn Gender fan

IG = 0.19 AWz Cycling Track A1 1G m\ummw%ﬁq@?ﬁmmﬁqm Gender #A1 IG = 0.48

' I, ¥ o ' & [ an ! 1
Taganfilaasiinuaitli Root 71 2 a1nsiWasMnATLaaadanaas Root 71 3 ma il

3) kAU [m 91NN199A1A1989 1G N7 g aazidinnndu Root 1 3 91NWA

=

ANHAYINNAYBIATLE AN TIRAI (ANAFIH
. : am T A . v o
naruaniatuennadonfifian 16 snfigauidu Root 289 Decision tree L1WIN
gy aviavina lae lanaansiiu County_code fisfl
3.1) #3UN19AUIAAN IG 289uaan5dam Sports(Canoe Sprint) & Medal(GOLD) &
Gender A1NVBHANTHITAAIWINAT G [AAIT
IG (parent, child) = Entropy (parent) —[p(W&= women) X Entropy(W&= women) + p(N&=

men) X Entropy(Wa= men)] mﬁwém'ﬁﬁﬂmméﬂ IG = 0.66
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3.2) Z\I‘%Uﬂ"l‘iﬁ"l%'ﬁlﬂ%ﬂlﬁ G 2puann3ian Sports(Canoe Sprint) & Medal(SILVER) &
Team_type A1NIBHAEIHNTAAIUIIIAT IG TAGsH

IG (parent, child) = Entropy (parent) —[p(W&= gameteam) X Entropy(Wa= gameteam) +
p(Wa= athlete) x Entropy(W®a= athlete)] HARNENNTAIWIIAT IG = 0.72

3.3) ﬂ@ﬂm‘sﬁﬂmmﬁq G 2a9unaN3dan Sports(Canoe Sprint) & Medal(BRONZE) &
Gender 9NNUBYATIHITAIINAT G (AdaT

IG (parent, child) = Entropy (parent) —[p(W&= women) X Entropy(W&= women) + p(N&=
men) x Entropy(Wa= men)] Nﬂﬁwém‘a‘ﬁﬂmmﬁﬂ IG = 0.59

3.4) ﬂqﬁﬂﬂﬁﬂ°quqmm'ﬁ IGoavuaans Tan Sports(Diving) & Medal(SILVER) &
Team_type anwayassnsaduInan IG Tndail

IG (parent, child) = Entropy (parent) —[p(W®= gameteam) x Entropy(W®&= gameteam) +
p(WR= athlete) x Entropy(W®/= athlete)] Nﬂﬁwém‘a‘ﬁﬂmmﬁﬂ IG = 0.61

3.5) mqﬂmﬁﬂ"mqmﬁﬁ G 2a9uaans dan Sports(Diving) & Medal(BRONZE) &
Team_type anwayassnsaduInnn IG Tndail

IG (parent, child) = Entropy (parent) —[p(W®= gameteam) x Entropy(W®&= gameteam) +
p(Wa= athlete) x Entropy(WR= athlete)] Nﬂﬁwém’ﬁﬁﬁmmﬁﬁ IG = 0.41

3.6) ﬂqﬁmiﬁqmmm G 2evupsviatan Sports(Fencing) & Gender(Women) & Medal
INIOYAFIHITOFAIUIUAT 1G TAFSH

IG (parent, child) = Entropy (parent) —[p(W®&= gold) x Entropy(W®&= gold) + p(W@= silver)
X Entropy(W@a= silver) + p(W@= bronze) x Entropy(Na= bronze)] N@'ﬁwéﬂ’l’iﬁﬂuqmﬂlﬂ IG =
0.38
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3.7) Z\I‘%Uﬂ"l‘iﬁ"l%'ﬁlﬂ%ﬂlﬁ G 2puann3ian Sports(Fencing) & Gender(Men) & Medal
INTOYARIHNTOFIUIUAT 1G TAT

IG (parent, child) = Entropy (parent) —[p(W&a= gold) x Entropy(Wa= gold) + p(W&a= silver)
X Entropy(W@a= silver) + p(W@= bronze) x Entropy(Na= bronze)] HAAWD NIIAINIIAT |G =
0.35

3.8) ﬂ?ﬂﬂ’?‘iﬁqu'}mﬁl"l G 2a9ueavaian Sports(Cycling Track) & Gender(Women) &
Medal 31ntBHREIHNTAAMIAT IG TAFsH

IG (parent, child) = Entropy (parent) —[p(W®= gold) x Entropy(W®&= gold) + p(W@= silver)
X Entropy(W@a= silver) + p(W@a= bronze) x Entropy(Wa= bronze)] N@'ﬁwéﬂ’rﬁﬁfm@mﬂl’] IG =

0.40

3.8) ﬂqﬂmﬁﬁqmmﬂ'ﬂ G 2a9uann3dan Sports(Cycling Track) & Gender(Men) &
Medal anaayasunsasuIonn IG Tasail

IG (parent, child) = Entropy (parent) —[p(Wa= gold) x Entropy(Wa= gold) + p(W&a= silver)
x Entropy(W@a= silver) + p(Wa= bronze) x Entropy(W&= bronze)] HARWE NT1TATHITAA IG =

0.57

IINHARTUNTAININIBIANT 1G 2BIUARZLEAYE DR HNTMIAMHINTGATHN191HNNN
1% Root 71 3 284 Root 7 2 umaz Root fiugnaanuianuesn3ian Sports 8nt tae T Root
i Root fl9fluuann3DanfisIaTNITauAnNAsaantiin Root 7 4 (AFIHEIAININIAT IG

284 Root 71 4 apll

4) WaRUT A 91NN19MIA1289 1G TNINT gauiaazsiiniidn Root 7 4 a1nna
AHADVINNAZBIATLEAYE DR ES (ANRAIT
. ' A Seda 4 - < o
naRuaniAtuannadoniifian 1G snfigauidu Root 289 Decision tree UF1WIN

v i v o 2
ﬂﬂﬁﬂﬂﬂ%ﬂﬂiﬂﬂ?ﬁNﬂ@WﬁLﬂu County_code AN
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4.1) N@ﬂﬂﬂiﬁﬁuqmﬁﬂ G 2a9uBaN3das Sports(Canoe Sprint) & Medal(GOLD) &
Gender(Women) & Game @Wﬂ%ﬂ?ﬂ@mm‘iﬂﬁ’lmmﬁ’l G Tastafs
IG (parent, child) = Entropy (parent) —[p(Wa= tokyo-2020) x Entropy(Wa= tokyo-2020)

+ p(HA= ri0-2016) X Entropy(W&= rio-2016)] KAGNENITATNINAT IG = 0.55

4.2) N‘;ﬂm‘jﬁmqmﬂ'ﬂ G 209unan3dan Sports(Canoe Sprint) & Medal(GOLD) &
Gender(Men) & Team_type mﬂﬂymjammﬁaﬁqmmhq G Tasraft
IG (parent, child) = Entropy (parent) —[p(W&a= gameteam) X Entropy(Wa= gameteam) +

p(Wa= athlete) x Entropy(W®a= athlete)] HARNENITATHIDNA IG = 0.62

4.3) ﬂjﬁﬂ’ﬁﬁﬁuqmﬂl’] G 2e9usan3ian Sports(Canoe Sprint) & Medal(SILVER) &
Team_type(Gameteam) & Gender @’m?jﬂﬁﬂmmﬁﬂﬁﬂmmﬁﬂ IG T@Tﬁﬂﬁ
IG (parent, child) = Entropy (parent) —[p(Wa= women) x Entropy(Wa= women) + p(NR=

men) x Entropy(Wa= men)] NRAWSNNTAIHIAT IG = 0.56

4.4) ﬂqﬁmﬁﬁwmmm G 2a9uann3ian Sports(Canoe Sprint) & Medal(SILVER) &
Team_type(Athlete) & Gender mmymd@mmﬁaﬁqmméq G Tagasi
IG (parent, child) = Entropy (parent) —[p(W@a= tokyo-2020) x Entropy(W@&= tokyo-2020)

+ p(Na= rio-2016) x Entropy(Na= rio-2016)] HARWENNTAINITAT IG = 0.72

4.5) N@ﬂmfiﬁ'ﬂmmﬁ;fl G 99uean3dan Sports(Canoe Sprint) & Medal(BRONZE) &
Gender(Women) & Team_type @’m%ﬂﬁﬂmm’iﬂﬁﬁmmﬁﬂ IG Tﬁlﬁq‘ﬁy
IG (parent, child) = Entropy (parent) —[p(W®= gameteam) x Entropy(W®&= gameteam) +

p(Wa= athlete) x Entropy(W®a= athlete)] Nﬂﬁwém’ﬁﬁﬁmmﬁﬁ IG = 0.92

4.6) N‘gﬂmﬁﬁflmmﬂ"] G 2a9uBa3Tan Sports(Canoe Sprint) & Medal(BRONZE) &
Gender(Men) & Team_type mﬂgmjmmmiaﬁﬁmméq IG Tagian
IG (parent, child) = Entropy (parent) —[p(W&a= gameteam) X Entropy(W&= gameteam) +

p(Wa= athlete) x Entropy(Wa= athlete)] HARNENITATHIDIA IG = 0.66
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4.7) Nﬁqﬁﬂq‘jﬂ"ﬁuqmﬂ'ﬂ IGoavuamans Tan Sports(Diving) & Medal(SILVER) &
Team_type(Gameteam) & Gender @Wﬂ%ﬂ?ﬂ@mm‘iﬂﬁ’lmmﬁ’l IG T@Tﬁﬂﬁ
|G (parent, child) = Entropy (parent) —[p(W&= women) X Entropy(Wa= women) + p(Na=

men) x Entropy(Ka= men)] NARWSNN3AI4I04A7 1G = 0.38

4.8) 851 ANSAINAIHAN 1G 1BILBANS T oA Sports(Diving) & Medal(BRONZE) &
Team_type(Gameteam) & Game mﬂﬂymjammﬁaﬁqmmhq IG Tﬁyﬁd‘f:
IG (parent, child) = Entropy (parent) —[p(Wa= tokyo-2020) x Entropy(W@a= tokyo-2020)

+ p(Wa= rio-2016) x Entropy(Wa= rio-2016)] N@ﬁwgmiﬁ’mqmﬁ’] IG = 0.97

4.9) mqﬂmiﬂ”ﬁmmﬂ'ﬁ G 2a9uaans dan Sports(Diving) & Medal(BRONZE) &
Team_type(Athlete) & Game @’m?jﬂﬁﬂmmﬁﬂﬁﬂmmﬁﬂ G Taast
IG (parent, child) = Entropy (parent) —[p(W@a= tokyo-2020) x Entropy(W@&= tokyo-2020)

+ p(W&A= rio-2016) x Entropy(Wa= rio-2016)] Nﬂﬁwéﬂ’l‘iﬁﬂu']mﬁﬁ IG = 0.57

4.10) ﬂqﬂmﬁﬁqmmﬂ'ﬂ G 2euann3Tan Sports(Fencing) & Gender(Women) &
Medal(GOLD) & Team_type 91NUBHARINITOAMATIAT 1G Tadsfl
IG (parent, child) = Entropy (parent) —[p(W®= gameteam) x Entropy(W®&= gameteam) +

p(Wa= athlete) x Entropy(W®a= athlete)] Nﬂﬁwém’ﬁﬁﬁmmﬁﬁ IG = 0.91

4.11) N’;ﬂﬂ’l’ﬁﬁﬁu'zﬂmlfl G aa9uannsdan Sports(Fencing) & Gender(Women) &
Medal(SILVER) & Team_type 91ntayaasngasmania IG Tadail
IG (parent, child) = Entropy (parent) —[p(W®= gameteam) x Entropy(W®&= gameteam) +

p(Wa= athlete) x Entropy(W®a= athlete)] Nﬂﬁwém’ﬁﬁﬁmmﬁﬁ IG = 0.99

4.12) Nqﬂﬂﬁ‘iﬁ’m')mﬁ{’l G 2a9uannsdan Sports(Fencing) & Gender(Women) &
Medal(BRONZE) & Team_type mﬂgmjmmmiaﬁﬁmméq IG Tagas
IG (parent, child) = Entropy (parent) —[p(W&a= gameteam) X Entropy(Wa= gameteam) +

p(Wa= athlete) x Entropy(Wa= athlete)] HARNENITATHIDIA IG = 0.75
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4.13) N‘ﬁqﬂﬂq‘jﬂ"quqmﬂ' 1 1G 2BILERNE Tas Sports(Fencing) & Gender(Men) &
Medal(GOLD) & Team_type 91n183aa=19aA90aT 1G Tadaid
IG (parent, child) = Entropy (parent) —[p(W&= gameteam) X Entropy(Wa= gameteam) +

p(Wa= athlete) x Entropy(W®a= athlete)] HAANENNTAIWIIAT IG = 0.88

4.14) N‘ﬁqﬂﬂq‘jﬂ"quqmﬂ' 1 1GaasuennsTan Sports(Fencing) & Gender(Men) &
Medal(SILVER) & Team_type 91NUByAFIH10AHAnAN IG ARG
IG (parent, child) = Entropy (parent) —[p(W&= gameteam) X Entropy(Wa= gameteam) +

p(Wa= athlete) x Entropy(W®a= athlete)] HARNENITATHIDNA IG = 0.63

4.15) ﬂqﬂmﬁﬁfqmmﬁ 1 1G 2BIuERNE Tas Sports(Fencing) & Gender(Men) &
Medal(BRONZE) & Team_type mﬂ"aymjﬂmmﬁaﬁqmméq G Tasiad
IG (parent, child) = Entropy (parent) —[p(W®= gameteam) x Entropy(W®&= gameteam) +

p(WR= athlete) x Entropy(W®a= athlete)] Nﬂﬁwém‘a‘ﬁﬂmmﬁﬂ IG = 0.99

4.16) Nfgﬂmiﬁwmmm IG Pp9upnviatan Sports(Cycling Track) & Gender(Women) &
Medal(GOLD) & Team_type 91NUBHARINITOAMATIAT 1G Tadsfl
IG (parent, child) = Entropy (parent) —[p(W®= gameteam) x Entropy(W®&= gameteam) +

p(Wa= athlete) x Entropy(W®R= athlete)] Nﬂﬁwém’ﬁﬁﬁmmﬁﬁ IG = 0.39

4.17) N’;ﬂm’iﬁfmqmﬂlfl IG 2asuanvizdan Sports(Cycling Track) & Gender(Women) &
Medal(SILVER) & Gome 9 ntayas1anAHania 16 Tasail
IG (parent, child) = Entropy (parent) —[p(W@a= tokyo-2020) x Entropy(W@&= tokyo-2020)

+ p(WA= rio-2016) x Entropy(Wa= rio-2016)] HARNENIIAHIAT |G = 0.62

4.18) N’;ﬂm’iﬁflmmﬁ"l IG 2suann3ian Sports(Cycling Track) & Gender(Women) &
Meddl(BRONZE) & Game annaagasanaafmanian 16 Tnsail
IG (parent, child) = Entropy (parent) —[p(W&= tokyo-2020) x Entropy(Wa= tokyo-2020)

+ p(Na= rio-2016) x Entropy(Na= rio-2016)] mﬁwém'ﬁﬁﬂmméﬂ IG = 1.00
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4.19) ﬂ‘;ﬂm‘sﬁflmmﬁq G 289uanan3das Sports(Cycling Track) & Gender(Men) &
Medol(BRONZE) & Team_type 9 INADHARINITARTIAT IG TARSH
IG (parent, child) = Entropy (parent) —[p(W&= gameteam) X Entropy(Wa= gameteam) +

p(Wa= athlete) x Entropy(W®a= athlete)] HARNENITATHIDNA IG = 1.00

INATAMUINAT 1G 2B9Uuaan3an Sports WAz Game UAT Gender UaT Team_type
uay Madel wuanaayalwusazlmninanadneuifisaiuuan e nadwsiiu County_code
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A B C D E F
Sports Game Gender |Team_type Medal Country_code
Canoe Sprint  |tokyo-2020 Women |Athlete GOLD USA
Canoe Sprint |tokyo-2020 Women |Athlete SILVER CAN
Canoe Sprint |tokyo-2020 Women |Athlete BRONZE UKR
Canoe Sprint |tokyo-2020 Men GameTeam GOLD CUB
Canoe Sprint |tokyo-2020 Men GameTeam GOLD CUB
Canoe Sprint |tokyo-2020 Men GameTeam SILVER CHN
Canoe Sprint |tokyo-2020 Men GameTeam SILVER CHN
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE GER
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE GER
Canoe Sprint  |tokyo-2020 Men GameTeam GOLD GER
Canoe Sprint |tokyo-2020 Men GameTeam SILVER ESP
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE SVK
Canoe Sprint |tokyo-2020 Men GameTeam GOLD AUS
Canoe Sprint |tokyo-2020 Men GameTeam GOLD AUS
Canoe Sprint _[tokyo-2020  |Men GameTeam SILVER GER
Canoe Sprint |tokyo-2020 Men GameTeam SILVER GER
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE CZE
Canoe Sprint |tokyo-2020 Men GameTeam BRONZE CZE
Canoe Sprint |tokyo-2020 Women |Athlete BRONZE DEN
Canoe Sprint |tokyo-2020 Women |Athlete GOLD NZL
Canoe Sprint |tokyo-2020 Women |Athlete SILVER ESP
Canoe Sprint |tokyo-2020 Women |GameTeam GOLD CHN
Canoe Sprint |tokyo-2020 Women |[GameTeam GOLD CHN
Canoe Sprint |tokyo-2020 Women |GameTeam SILVER UKR
Canoe Sprint |tokyo-2020 Women |[GameTeam SILVER UKR
Canoe Sprint |tokyo-2020 Women |[GameTeam BRONZE CAN
Canne Sorint  [tokvo-2020 Women |GameTeam RRONZF CAN

A v - ]
AT 3.7 4AEayaiARLABENNINAIN olympic_medal

o A

* | . * =t
2DYAVIAALABANINTIN olympic_medals AAUBYAVIAALA

aa ¥ !
uaayviatan (Aun

ANNIATKIN UsenaunIgy 5

- Sports ﬂ’i:ﬂﬂw;”m Canoe Sprint, Diving, Fencing, Cycling Track

_ Game Usznaunag tokyo-2020, rio-2016

- Gender Usznaumie Women, Men

- Team_type Usznaunae GameTeam, Athlete

- County_Code ﬂ’i:ﬂﬂ‘ﬂ@?’m CHN, FRA, GBR, GER, HUN, ITA, RUS, UKR, USA

_ Medal Us¥nausag GOLD, SILVER, BRONZE

Vv

Tanafigiiaszntadanlunatudadu 2 1 Aaluaa Nave Bayes Tnslnatiazyin

Tnnssuunaeyanis o vinl
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=
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P(x|c)P(c)
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c Am Class ( CHN, FRA, GBR, GER. HUN. ITA, ROS, UKR, USA )
x A8 Attribute ( Sports, Game, Gender, Medal, Team_Type )
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1991289 P( ¢ ) 938 Class AN LA F9fl

P( CHN ) = 38/194 = 0.196
P(FRA ) = 12/194 = 0.062
P( GBR ) = 31/194 = 0.160
P( GER ) = 25/194 = 0.129
P(HUN ) = 18/194 = 0.093
P(ITA ) = 15/194 = 0.077

P(RUS ) = 24/194 = 0.124
P(UKR ) = 10/194 = 0.052
P( USA ) = 21/194 = 0.108

o

A199IANEY P( X | ¢ ) W3aANadLaay Attribute AR G

A5 NT 3.1 AnwevAttribute ( Sports )

P( Canoe Sprint /CHN ) | 5/38 P( Canoe Sprint /FRA ) | 1/12
P( Diving / CHN ) 27138 P( Diving / FRA ) 0/12
P( Fencing / CHN ) 3/38 P( Fencing / FRA ) 81/12
P( Cycling Track / CHN ) | 3/ 38 P( Cycling Track / FRA) | 3 /12
P( Canoe Sprint / GBR ) | 4/ 31 P( Canoe Sprint / GER) | 15/25
P( Diving / GBR ) 9/ 31 P( Diving / GER ) 5/25
P( Fencing / GBR ) 0/31 P( Fencing / GER ) 0/25
P( Cycling Track / GBR ) | 18 / 31 P( Cycling Track / GER ) | 5/25
P( Canoe Sprint /HUN ) | 11/18 P( Canoe Sprint / ITA) 1/15
P( Diving / HUN ) 0/18 P( Diving / ITA) 2/15
P( Fencing / HUN ) 7118 P( Fencing / ITA) 9/15
P( Cycling Track /HUN ) | 0/ 18 P( Cycling Track / ITA) | 3/15
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A3 3.1 AmsAttrioute ( Sports ) (A9)

P( Canoe Sprint /RUS ) | 2/24 P( Canoe Sprint /UKR) | 6 /10
P( Diving / RUS ) 2/24 P( Diving / UKR ) 0/10
P( Fencing / RUS ) 151/24 P( Fencing / UKR ) 3/10
P( Cycling Track /RUS ) | 5/ 24 P( Cycling Track / UKR ) | 1/10
P( Canoe Sprint / USA ) | 1/ 21
P( Diving / USA ) 10/ 21
P( Fencing / USA ) 6/21
P( Cycling Track / USA ) | 4/ 21

GI'I?’IW‘I 3.2 ﬂI’mmAttribute ( Game )
P( Tokyo-2020 / CHN ) | 22/ 38 P( Tokyo-2020 / FRA) |7 /12
P( Rio-2016 / CHN ) 16 /38 P( Rio-2016 / FRA ) 5/12
P( Tokyo-2020 / GBR ) | 12/ 31 P( Tokyo-2020 / GER ) | 11/25
P( Rio-2016 / GBR ) 19 / 31 P( Rio-2016 / GER ) 14/ 25
P( Tokyo-2020 /HUN ) | 10 /18 P( Tokyo-2020/ITA) | 8/15
P( Rio-2016 / HUN ) 8/18 P( Rio-2016 / ITA ) 7115
P( Tokyo-2020 /RUS ) | 12/ 24 P( Tokyo-2020 /UKR ) | 5/10
P( Rio-2016 / RUS ) 12/ 24 P( Rio-2016 / UKR ) 5/10
P( Tokyo-2020 / USA ) | 10/ 21

P( Rio-2016 / USA )

11721
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Wﬁ'l\‘lﬁ 3.3 ﬂl’mmAttribute ( Gender)

P( Men / CHN ) 17/ 38 P( Men / FRA ) 9/12
P( Female / CHN ) 21/ 38 P( Female / FRA ) 3/12
P( Men / GBR ) 24 [ 31 P( Men / GER ) 15 /25
P( Female / GBR ) 7/ 31 P( Female / GER ) 10/25
P( Men / HUN ) 9/18 P( Men / ITA) 9/15
P( Female / HUN ) 9/18 P( Female / ITA) 6/15
P( Men / RUS ) 9/24 P( Men / UKR ) 4/10
P( Female / RUS ) 15/24 P( Female / UKR ) 6/10
P( Men / USA ) 11/21

P( Female / USA ) 10/ 21

AN 3.4 AnBAtribute ( Medal )

P( GOLD / CHN ) 25 /38 P( GOLD / FRA) 3/12
P( SILVER / CHN ) 12/ 38 P( SILVER / FRA ) 4/12
P( BRONZE / CHN ) 3138 P( BRONZE / FRA ) 5/12
P( GOLD / GBR)) 14/ 31 P( GOLD / GER ) 9/25
P( SILVER / GBR ) 10/ 31 P( SILVER / GER ) 6/25
P( BRONZE / GBR ) 7131 P( BRONZE / GER ) 10/ 25
P( GOLD / HUN ) 10/18 P( GOLD / ITA) 3/15
P( SILVER / HUN ) 4/18 P( SILVER / ITA) 9/15
P( BRONZE / HUN ) 4/18 P( BRONZE / ITA ) 3115
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AN 3.4 AnB9Atribute ( Medal ) (918)

P( GOLD / RUS ) 7124 P( GOLD / UKR ) 1/10
P( SILVER / RUS ) 7124 P( SILVER / UKR) 4/10
P( BRONZE / RUS ) 10/ 24 P( BRONZE / UKR ) 5/10
P( GOLD / USA) 3/ 21
P( SILVER / USA) 12 /21
P( BRONZE / USA) 6/21

W‘I‘S'Nﬁ 3.5 ANB9Attribute ( Team_Type )

P( Athlete / CHN ) 16/ 38 P( Athlete / FRA ) 4/12

P( GameTeam / CHN ) 22 /38 P( GameTeam / FRA ) 8/12

P( Athlete / GBR ) 16 / 31 P( Athlete / GER ) 4/25
P(GameTeam / GBR ) 15/ 31 P( GameTeam / GER ) 21/25
P( Athlete / HUN ) 10/18 P( Athlete / ITA) 8/15
P( GameTeam /HUN ) | 8/18 P( GameTeam / ITA ) 7115
P( Athlete / RUS ) 11724 P( Athlete / UKR) 5710

P( GameTeam / RUS ) 13/ 24 P( GameTeam / UKR ) 5710

P( Athlete / USA ) 8 /21

P( GameTeam / USA ) 13/ 21

91NA19799 (AYIIN13390U598ALATITATREY Attribute uA|E Attribute TRz BYA

fariasineyai i lluasduaiesd [Ulstunsfmnaannis



mi'Nﬁ 3.6 NsulasAPasAttribute ( Sports )

P( Canoe Sprint / CHN ) | 0.132 P( Canoe Sprint / FRA) | 0.084
P( Diving / CHN ) 0.710 P( Diving / FRA) 0.000
P( Fencing / CHN ) 0.079 P( Fencing / FRA ) 0.666
P( Cycling Track / CHN ) | 0.079 P( Cycling Track / FRA) | 0.250
P( Canoe Sprint / GBR ) | 0.129 P( Canoe Sprint / GER ) | 0.600
P( Diving / GBR ) 0.290 P( Diving / GER ) 0.200
P( Fencing / GBR ) 0.000 P( Fencing / GER ) 0.000
P( Cycling Track / GBR ) | 0.580 P( Cycling Track / GER ) | 0.200
P( Canoe Sprint / HUN ) | 0.611 P( Canoe Sprint / ITA) | 0.067
P( Diving / HUN ) 0.000 P( Diving / ITA) 0.133
P( Fencing / HUN ) 0.389 P( Fencing / ITA) 0.599
P( Cycling Track / HUN ) | 0.000 P( Cycling Track / ITA') | 0.200
P( Canoe Sprint / RUS ) | 0.083 P( Canoe Sprint / UKR ) | 0.599
P( Diving / RUS ) 0.083 P( Diving / UKR ) 0.001
P( Fencing / RUS ) 0.625 P( Fencing / UKR ) 0.300
P( Cycling Track / RUS ) | 0.208 P( Cycling Track / UKR ) | 0.100
P( Canoe Sprint / USA') | 0.048

P( Diving / USA) 0.476

P( Fencing / USA ) 0.286

P( Cycling Track / USA ) | 0.190
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mi'Nﬁ 3.7 m‘smeéwmAttribute ( Game )

P( Tokyo-2020 / CHN ) | 0.579 P( Tokyo-2020 / FRA) | 0.583
P(Ri0-2016 / CHN ) | 0.421 P( Rio-2016 / FRA ) 0.417
P( Tokyo-2020 / GBR ) | 0.387 P( Tokyo-2020 / GER ) | 0.440
P(Ri0-2016 / GBR) | 0.613 P( Rio-2016 / GER ) 0.560
P( Tokyo—-2020 / HUN ) | 0.555 P( Tokyo-2020 / ITA) | 0.533
P(Ri0-2016 / HUN ) | 0.444 P( Rio-2016 / ITA ) 0.467
P( Tokyo-2020 / RUS ) | 0.500 P( Tokyo-2020 / UKR ) | 0.500
P( Rio-2016 /RUS) | 0.500 P( Rio-2016 / UKR ) 0.500
P( Tokyo—-2020 / USA ) | 0.476

P( Ri0o-2016 / USA) | 0.524

Wﬁ'wﬁ 3.8 ﬂﬁiLLﬂmrﬁﬁﬁmAttribute ( Gender )

P( Men / CHN ) 0.447 P( Men / FRA ) 0.749
P( Female / CHN ) 0.553 P( Female / FRA ) 0.250
P( Men / GBR)) 0.774 P( Men / GER ) 0.600
P( Female / GBR ) 0.226 P( Female / GER ) 0.400
P( Men / HUN ) 0.500 P( Men /ITA) 0.600
P( Female / HUN ) 0.500 P( Female / ITA ) 0.400
P( Men /RUS) 0.375 P( Men / UKR ) 0.400
P( Female / RUS ) 0.625 P( Female / UKR ) 0.600
P( Men / USA ) 0.524

P( Female / USA ) 0.476




Wﬁ'Nﬁ 3.9 m‘smeéwmAttribute ( Medal )

P( GOLD / CHN) 0.605 P( GOLD / FRA ) 0.250
P( SILVER / CHN ) 0.316 P( SILVER / FRA ) 0.333
P( BRONZE / CHN ) 0.079 P( BRONZE / FRA) 0.416
P( GOLD / GBR)) 0.451 P( GOLD / GER ) 0.360
P( SILVER / GBR ) 0.323 P( SILVER / GER ) 0.240
P( BRONZE / GBR ) 0.226 P( BRONZE / GER ) 0.400
P( GOLD / HUN ) 0.555 P( GOLD / ITA) 0.200
P( SILVER / HUN ) 0.222 P( SILVER / ITA) 0.600
P( BRONZE / HUN ) 0.222 P( BRONZE / ITA ) 0.200
P( GOLD / RUS ) 0.292 P( GOLD / UKR ) 0.100
P( SILVER / RUS ) 0.292 P( SILVER / UKR ) 0.400
P( BRONZE / RUS ) 0.417 P( BRONZE / UKR ) 0.499
P( GOLD / USA ) 0.143

P( SILVER / USA ) 0.571

P( BRONZE / USA) 0.286

A1597 3.10 nnsulasAneedAtiribute ( Team_Type )

P( Athlete / CHN ) 0.421 P( Athlete / FRA) 0.333
P( GameTeam / CHN ) 0.579 P( GameTeam / FRA ) 0.666
P( Athlete / GBR ) 0.516 P( Athlete / GER ) 0.160
P(GameTeam / GBR ) 0.484 P( GameTeam / GER ) 0.840
P( Athlete / HUN ) 0.555 P( Athlete / ITA ) 0.533
P( GameTeam / HUN ) 0.444 P( GameTeam / ITA ) 0.467
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A5 3.10 nnsulasAneedAtiribute ( Team_Type ) (ﬁi@)

P( Athlete / RUS ) 0.458 P( Athlete / UKR ) 0.500
P( GameTeam / RUS ) 0.542 P( GameTeam / UKR ) 0.500
P( Athlete / USA ) 0.381
P( GameTeam / USA ) 0.619

WA laas Tuasnng

P(c|X) =P(x,|c)xP(x,|c)x---xP(x,|c)x P(c)

Tatmaunsnisduguaay Attribute Aananadalnagegn fil

1) ﬁyﬁf%’fwj Attribute ( Canoe Sprint x Rio-2016 x Men x BRONZE x GameTeam ) ﬁﬂﬂﬂl’m
falamgegauansennuiiulszme Germany Sanagfi 0.008738

2) ET’I'%_I@: Attribute ( Diving x Tokyo-2020 x Female x GOLD x GameTeam ) f4na17
Falpagegauanspanuiulazng China finneyil 0.015608

3) ﬁyf]’%/ugi Attribute ( Fencing x Tokyo-2020 x Men x SILVER x Athlete ) f9nanaaale
V”]I'Vegd’éf{@LLﬂﬂﬂﬂﬂﬂNﬁLﬁuﬂ‘j:ﬁmﬂ ltaly ﬁﬂlﬁfﬂé‘ﬁ 0.008850

4) 57'%/‘1_@: Attribute ( Cycling Track x Tokyo—2020 x Men x BRONZE x Athlete ) FINa
Falnargegauansasnsuiiulazng United Kingdom of Great Britain and Northern Ireland #

Aeeil 0.020259

PZ v v

@ﬂﬂ“ﬂyﬂﬂd@ﬁfg&iﬁuﬂ"l’ﬁLﬂ‘i’]&/‘l“ﬂ'ﬂ%ﬂ@ﬂ')ﬂL‘Vlﬂﬁﬂ Data Mining 91nn1589719 lsaans 2
WU Decision Tree waz Naive Bayes 3 4aaunaun138Hasng 7 i (g9 1u aagnisdn
U RN BN DBINRANET (A (9 T HABULTN 2119AA%TS 2 WUy Decision Tree WAz Naive
Bayes 21§lannunndadeninuoaifiesln aaenisUssifiunasnnlusunss RapidMiner Studio
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3.1.5 naindszavaninaasluiaa (Evaluation)
Tagazyinn19TAUaANE NaIBINARNS 71 (ATBILHIARYIS 2 LUU Decision Tree LAY
Naive Bayes lagazi3na1nluiaa Decision Tree WazsnuAae Naive Bayes Wiladalszansna
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Sports = Canoe Sprint

Gender = Female

Game = rio-201lé

| Medal = GOLD: HUN {USA=0, UKR=0, CHN=0, GER=0, HUN=4, GBR=0, ITA=0, RUS=0, FRA=0}

| Medal = SILVER: GER {(USA=0, UKR=0, CHN=0, GER=3, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}
Game = tokyo-2020

| Medal = BRONZE: HUN {USA=0, UKR=1, CHN=0, GER=0, HUN=2, GBR=0, ITA=0, RUS=0, FRA=0}
| Medal = GOLD: CHN {USA=1, UKR=0, CHN=2, GER=0, HUN=1, GBR=0, ITA=0, RUS=0, FRA=0}

| Medal = SILVER: UKR (USA=0, UKR=2, CHN=0, GER=0, HUN=1, GBR=0, ITA=0, RUS=0, FRA=0}

Gender = Men

Game = rio-201¢€
| Medal = BRONZE

1 I Team _Type = Athlete: RUS {USA=0, UKR=0, CHN=0, GER=1, HUN=0, GBR=0, ITA=0, RUS5=2, FRA=0}
| | Team Type = GameTeam: UKR {USA=0, UKR=2, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}
| Medal = GOLD

| | Team Type = Athlete: UKR {USA=0, UKR=1l, CHN=0, GER=1, HUN=0, GBR=1, ITA=0, RUS=0, FRA=0}
| | Team_Type = GameTeam: GER {USA=0, UKR=0, CHN=0, GER=5, HUN=0, GBR=0, ITA=0, RU5=0, FRA=0}
| Medal = SILVER: GBR {USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=2, ITA=0, RUS5=0, FRA=1}

Game = tokyo-2020

| Team Type = Athlete: HUN {USA=0, UKR=0, CHN=1, GER=0, HUN=3, GBR=1, ITA=1, RUS=0, FRA=0}

| Team Type = GameTeam: GER {USA=0, UKR=0, CHN=2, GER=5, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}

Sports = Diving
Medal = BRONZE

Team Type = Athlete

| Game = rio-2016: USA {USA=1, UKR=0, CHN=0, GER=1, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}

| Game = tokyo-2020: GBR {USA=1, UKR=0, CHN=0, GER=0, HUN=0, GBR=2, ITA=0, RUS=0, FRA=0}
Team Type = GameTeam

| Game = rio-2016: CHN {USA=0, UKR=0, CHN=2, GER=0, HUN=0, GBR=2, ITA=0, RUS=0, FRA=0}

| Game = tokyo-2020: GER {USA=0, UKR=0, CHN=0, GER=4, HUN=0, GBR=0, ITA=0, RUS=2, FRA=0}

Medal = GOLD: CHN {USA=0, UKR=0, CHN=17, GER=0, HUN=0, GBR=4, ITA=0, RUS=0, FRA=0}
Medal = SILVER

Team Type = Athlete: CHN {USA=0, UKR=0, CHN=€, GER=0, HUN=0, GBR=1, ITA=0, RUS=0, FRA=0}

Team Type = GameTeam

| Gender = Female

| 1 Game = rio-2016: ITA {USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=2, RUS=0, FRA=0}

| | Game = tokyo-2020: USA {USA=2, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}
| Gender = Men: USA {USA=6, UKR=0, CHN=2, GER=0, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}

AMA 3.9 Nt 2 ATUsTENEANYIza Decision Tree i RapidMiner
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Sports = Fencing
Gender = Female

Game = rio-2016

I Medal = BRONZE

| | Team Type = Athlecte: UKR {USA=0, UKR=1, CHN=1, GER=0, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}
I I Team Type = GameTeam: USA (USA=1, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=l1, FRA=0}
| Medal = GOLD: RUS (USA=0, UKR=0, CHN=0, GER=0, HUN=1, GBR=0, ITA=0, RUS=3, FRA=0}

| Medal = SILVER

I | Team Type = Athlete: ITA (USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=2, RUS=1, FRA=0}
| | Team Type = GameTeam: UKR (USA=0, UKR=l, CHN=1, GER=0, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}
Game = tokyo-2020

I Medal = BRONZE

| | Team Type = Athlete: RUS (USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=1, FRA=l}
| I Team Type = GameTeam: ITA {USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=2, RUS=0, FRA=0}
I Medal = GOLD

| | Team Type = Athlete: USA (USA=l, UKR=0, CHN=l1, GER=0, HUN=0, GBR=0, ITA=0, RUS=l, FRA=0)
| | Team Type = GameTeam: RUS (USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=2, FRA=0}
I Medal = SILVER

| | Team Type = Athlete: RUS (USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=2, FRA=0)
| | Team Type = GameTeam: FRA (USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=0, FRA=2)

Gender = Men

Medal = BRONZE

| Team Type = Athlete: UKR {USA=0, UKR=1, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=l, FRA=l}
I Team Type = GameTeam: USA {USA=2, UKR=0, CHN=0, GER=0, HUN=2, GBR=0, ITA=0, RUS=0, FRA=0}
Medal = GOLD

| Team Type = Athlete: HUN {USA=0, UKR=0, CHN=0, GER=0, HUN=2, GBR=0, ITA=1, RUS=0, FRA=1}
| Team Type = GameTeam: FRA (USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=1, FRA=2}
Medal = SILVER

Team_Type = Athlete

| Game = ri0-2016: USA {USA=2, UKR=0, CHN=0, GER=0, HUN=1, GBR=0, ITA=0, RUS=0, FRA=0}
| Game = tokyo-2020: ITA {USA=0, UKR=0, CHN=0, GER=0, HUN=1, GBR=0, ITA=2, RUS=0, FRA=0)
Team Type = GameTeam

| Game = rio-2016: ITA (USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=l, RUS=0, FRA=l}

I
I
I
I
I
I I Game = tokyo-2020: RUS {USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=l, RUS=2, FRA=0)

Sports = Cycling Track
Gender = Female

Team_Type = Athlete

| Game = rio-2016: GBR {USA=1, UKR=0, CHN=0, GER=1, HUN=0, GBR=4, ITA=0, RUS=0, FRA=0}

| Game = tokyo-2020: USA {USA=1, UKR=1, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}
Team Type = GameTeam

| Medal = BRONZE

| | Game = rio-2016: GER {USA=0, UKR=0, CHN=0, GER=2, HUN=0, GBR=0, ITA=0, RUS=0, FRA=0}

| | Game = tokyo-2020: RUS {USA=1, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=2, FRA=0}
| Medal = GOLD: CHN {USA=0, UKR=0, CHN=3, GER=1, HUN=0, GBR=2, ITA=0, RUS=0, FRA=0}

| Medal = SILVER

| | Game = rio-2016: RUS {USA=1, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=2, FRA=0}

| | Game = tokyo-2020: GER {USA=0, UKR=0, CHN=0, GER=1, HUN=0, GBR=1, ITA=0, RUS=0, FRA=0}

Gender = Men

Medal = BRONZE

| Team Type = Athlete: GBR {USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=1, ITA=l1, RUS=1, FRA=0}
| Team Type = GameTeam: FRA {USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=0, ITA=0, RUS=0, FRA=3}
Medal = GOLD: GBR {USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=6, ITA=2, RUS=0, FRA=0}

Medal = SILVER: GBR {USA=0, UKR=0, CHN=0, GER=0, HUN=0, GBR=4, ITA=0, RUS=0, FRA=0}

A 3.9 N NF 2 AUTTENEENEBIEeY Decision Tree T RapidMiner
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2) NIMWUNUYRUVINDY Attribute (Game)
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4) NINUNHRUNIZBY Attribute (Medal)
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At 3.11 Tugtuuud 1 axfunisnennsmszmalunisuesingeunas 2 a5s

o

o oo X
NRNANT AN

Country | Predict Country | Predict
MAR 0.16% EGY 0.16%
AFG 0.00% ERI 0.00%
AHO 0.00% ESP 1.55%
ALG 0.00% EST 0.16%
ANZ 0.00% ETH 0.31%
ARG 0.47% EUN 0.00%
ARM 0.16% FlJ 0.31%
AUS 3.88% FIN 0.00%
AUT 0.16% FRA 3.10%
AZE 0.16% FRG 0.00%
BAH 0.31% GAB 0.00%
BAR 0.00% GBR 7.60%
BDI 0.00% GDR 0.00%
BEL 0.78% GEO 0.62%
BER 0.16% GER 4.19%
BLR 0.16% GHA 0.00%
BOH 0.00% GRE 0.78%
BOT 0.00% GRN 0.00%
BRA 2.17% GUA 0.00%
BRN 0.16% GUY 0.00%
BUL 0.47% HAI 0.00%
BUR 0.00% HKG 0.16%
CAN 1.71% HUN 2.17%
CHI 0.00% INA 0.31%




et 311 Duguuuudl 1 azdunawennsoilszmalinnsunsdiueanunds 2 s (an)

Country | Predict Country | Predict
CHN 9.92% IND 0.16%
Clv 0.16% IRI 0.93%
CMR 0.00% IRL 0.31%
COL 0.47% RQ 0.00%
CRC 0.00% ISL 0.00%
CRO 1.24% ISR 0.31%
CUB 1.86% ISV 0.00%
CYP 0.00% ITA 2.79%
CZE 0.78% JAM 1.55%
DEN 0.78% JOR 0.16%
DJI 0.00% JPN 6.05%
DOM 0.00% KAZ 0.47%
ECU 0.31% KEN 1.55%
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ANt 3.11 Tugtuuud 1 azdiunsnennsailsemelunisussdiuenumnas 2 a5s (an)

Country | Predict Country | Predict
KGZ 0.00% SEN 0.00%
KOR 2.33% SGP 0.16%
KOS 0.47% SLO 0.62%
KSA 0.00% SMR 0.00%
KUW 0.16% SRB 0.78%
LAT 0.16% SRI 0.00%
LBN 0.00% SUD 0.00%
LTU 0.00% Sul 0.93%
LUX 0.00% SUR 0.00%
MAS 0.00% SVK 0.47%
MDA 0.00% SWE 0.78%
MEX 0.00% SYR 0.00%
MGL 0.00% TAN 0.00%
MIX 0.00% TCH 0.00%
MKD 0.00% TGA 0.00%
MNE 0.00% THA 0.47%
MOZ 0.00% TIK 0.16%
MRI 0.00% TKM 0.00%
NAM 0.00% TOG 0.00%
NED 2.79% TPE 0.47%
NGR 0.00% TTO 0.00%
NIG 0.00% TUN 0.16%
NOR 0.62% TUR 0.47%
NZL 1.71% UAE 0.00%
PAK 0.00% UAR 0.00%
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ANt 3.11 Tugtuuud 1 azdiunsnennsailsemelunisussdiuenumnas 2 a5s (an)

Country | Predict Country | Predict
PAN 0.00% UGA 0.31%
PAR 0.00% UKR 0.47%
PER 0.00% URS 0.00%
PHI 0.16% URU 0.00%
POL 0.93% USA 13.18%
POR 0.16% UzB 1.09%
PRK 0.31% VEN 0.16%
PUR 0.31% VIE 0.16%
QAT 0.31% WIF 0.00%
ROU 0.31% YUG 0.00%
RSA 0.47% ZAM 0.00%
RUS 6.05% ZIM 0.00%
SAM 0.00%

SCG 0.00%
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¢ Wy ¥

INHAGNET (AN TN A9 NN e 1N 5 ai N5 UBTRe DUNgS 2 A% Usemneia
pnsasduaEsgnesnniiga 5 sudu fil

1) USA (United States of America) ﬁmwﬁwmﬁu@éﬁ 13.18%

2) CHN (China) finansnnaziiiuagil 9.92%

3) GBR (United Kingdom of Great Britain and Northern Ireland) ﬁmmﬁwuﬂuﬂgjﬁ'

7.6%

4) RUS (Russia) fanamnaziiiuegf 6.05%

5) JPN (Japanese) finansunaziuagi 6.05%



et 3.12 Tugtuuud 2 andunisnennsoilszmetunisunsdusaunds 4 ass

Country | Predict Country | Predict
MAR 0.08% CHI 0.00%
AFG 0.00% CHN 12.03%
AHO 0.00% CIv 0.08%
ALG 0.08% CMR 0.08%
ANZ 0.00% COL 0.32%
ARG 0.48% CRC 0.00%
ARM 0.08% CRO 0.88%
AUS 3.77% CUB 1.60%
AUT 0.08% CYP 0.00%
AZE 0.32% CZE 0.96%
BAH 0.24% DEN 0.72%
BAR 0.00% DJI 0.00%
BDI 0.00% DOM 0.16%
BEL 0.56% ECU 0.16%
BER 0.08% EGY 0.08%
BLR 0.48% ERI 0.00%
BOH 0.00% ESP 1.52%
BOT 0.00% EST 0.16%
BRA 1.60% ETH 0.72%
BRN 0.16% EUN 0.00%
BUL 0.32% FIJ 0.16%
BUR 0.00% FIN 0.08%
CAN 1.28% FRA 2.97%
FRG 0.00% MDA 0.00%
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el 3.12 Tuguuuud 2 exdunisnennsmusamalunsuasiueounas 4 a5 (an)

Country | Predict Country | Predict
GAB 0.00% MEX 0.24%
GBR 7.78% MGL 0.16%
GDR 0.00% MIX 0.00%
GEO 0.64% MKD 0.00%
GER 4.33% MNE 0.00%
GHA 0.00% MOZ 0.00%
GRE 0.40% MRI 0.00%
GRN 0.08% NAM 0.00%
GUA 0.00% NED 2.49%
GUY 0.00% NGR 0.00%
HAI 0.00% NIG 0.00%
HKG 0.08% NOR 0.72%
HUN 2.00% NZL 1.60%
INA 0.24% PAK 0.00%
IND 0.16% PAN 0.08%
IRI 1.04% PAR 0.00%
IRL 0.24% PER 0.00%
IRQ 0.00% PHI 0.08%
ISL 0.00% POL 1.04%
ISR 0.16% POR 0.16%
ISV 0.00% PRK 0.64%
ITA 2.73% PUR 0.16%
JAM 1.52% QAT 0.16%
JOR 0.08% ROU 0.64%
JPN 4.41% RSA 0.56%
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el 3.12 Tuguuuud 2 exdunisnennsmusamalunsuasiueounas 4 a5 (an)

Country | Predict Country | Predict
KAZ 0.64% RUS 6.66%
KEN 1.44% SAM 0.00%
KGZ 0.00% SCG 0.00%
KOR 3.29% SEN 0.00%
KOS 0.24% SGP 0.08%
KSA 0.00% SLO 0.48%
KUW 0.08% SMR 0.00%
LAT 0.24% SRB 0.48%
LBN 0.00% SRI 0.00%
LTU 0.16% SUD 0.00%
LUX 0.00% Sul 0.80%
MAS 0.00% SUR 0.00%
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el 3.12 Tuguuuud 2 exdunisnennsmusamalunsuasiueounas 4 a5 (an)

Country | Predict Country | Predict
SVK 0.48% UAR 0.00%
SWE 0.48% UGA 0.24%
SYR 0.00% UKR 1.20%
TAN 0.00% URS 0.00%
TCH 0.00% URU 0.00%
TGA 0.00% USA 13.39%
THA 0.40% UzB 0.56%
TKK 0.08% VEN 0.16%
TKM 0.00% VIE 0.08%
TOG 0.00% WIF 0.00%
TPE 0.40% YUG 0.00%
TT0 0.16% ZAM 0.00%
TUN 0.32% ZIM 0.08%
TUR 0.40%

UAE 0.00%
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o o‘dl v 5 & v Pt 1 o v o 3 d|d
nwaansil insniuasifiulnannisnenssunisuesiueaumds 4 a5 Uszmeisl
ANWIanA B aININTign 5 SudU AR

1) USA (United States of America) ﬁm’mﬁﬂ%lﬁuﬂ@:ﬁ 13.39%

1
=

2) CHN (China) fAasnaziiiuegyf 12.03%

3) GBR (United Kingdom of Great Britain and Northern Ireland) ﬁﬂ’:’mﬁwuﬁuﬂ%“ﬁl
7.78%

4) RUS (Russia) fAnamnaziiiuegyfl 6.66%

5) JPN (Japan) flaansnaziiiugi 4.41%
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AINNANITNY NI IHANTUUITHEDUNAS 2 ASS AUNITNYTNTOLIHNTT LY 950
ADUNET 4 AT FNRANEANHUANANLAZATAIHARIALARDY Fa5

1) USA (United States of America) SNARNWEAIMHLANANIIHANTUINEMN 2 uay 4 ASaEy
Tunnsunedns 4 ASaAnEwan 2 Assagd 0.21%

a o

2) CHN (China) §NAANWDATHUANATN WATTUYITH 2 LAY 4 ASIBIIHAITUISTY 4

k4 [
= =

ASUANT AN 2 AS9Dg T 2.11% axlunisuasdy 4 Ay feagy Sudusandu USA (United
States of America)

3) GBR (United Kingdom of Great Britain and Northern Ireland) ﬁwﬂﬁwémﬂmmﬂ@ﬁ\i
Tunsunedn 2 uay 4 asedetunsusdn 4 ASianacenn 2 m%y’m%'ﬁ 0.18%

4) RUS (Russia) NAFNEAINHULANAWTIHNNTUINEN 2 uas 4 asadatun1susds 4 A
\WsEwan 2 m%y’mg:ﬁ 0.61%

5) JPN (Japan) HAANSAHUANATTHNNTUISTH 2 uay 4 ASsBatunITuLeTn 4 As

WHEWINN 2 AS9BYT 1.64%
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ULANANANUUFIHINAANEY (A [U11n19niaiansiaAaIaiAdauiNeanas aiaaninay ﬁﬂﬂ}iﬂ@

Vv
o A

ANTUBIHEBUIRT 2 A5 WEBNTUTHE DN 4 A5 Tnelanaans Faf
Tunnsuedie 2 Ass

1) USA (United States of America) ﬁfﬁi’]m’mﬂmmﬂﬁﬂuﬂéﬁ 14.41%

2) CHN (China) fimAauAanALARauDgyfl 40.59%

3) GBR (United Kingdom of Great Britain and Northern Ireland) ﬁﬁflﬂ’)’mmmmﬂﬁlﬂu

a8l 19.19%

(!
=%

4) RUS (Russia) fAnAnananniadeuatil 7.89%

5) JPN (Japan) flApansaamAieuagf 48.15%

Tasnnauasdis 2 ASafnadwsAmANAAIALAREUTIH MAPE agil 65.12%
Tunnsunedo 4 %9

1) USA (United States of America) ﬁﬁﬁﬂqquﬂ@’lml,ﬂﬁlﬂuﬂg:ﬁ 10.17%

2) CHN (Chin) RAnAHARIALARDHaYT 25.79%

3) GBR (United Kingdom of Great Britain and Northern Ireland) AN AaLAREY
a8l 20.79%

4) RUS (Russia) fAnAamanaiadeagil 25.92%

5) JPN (Japan) flAnpansaaimaieuayf 42.13%

Tasnnsunedug ounds 4 ASsfHadWE AMAINARIALAREY MAPE 3ouaYil

30.20%

nwafiladnauas iminanensoioanuimae 2 ULLL nauseiiseunds 2
ASY LATNITUYITHE BUNAT 4 m%ﬂmﬂ?ﬁy@jﬂuuu Time Series Analysis A2838n115 Moving
Average Falnraagiluntslrrayalunisursingaunds 4 a3y Gedamnuaainadan

MAPE 59umgfi 30.7
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et 3.13 Tugtuuud 1 azdunsnennsafiinlunisuasiueounas 2 A9

country gold silver bronze all

MAR 1 0 1 1
AFG 0 0 0 0
AHO 0 0 0 0
ALG 0 2 0 2
ANZ 0 0 0 0
ARG 2 1 1 4
ARM 1 3 1 4
AUS 14 15 10 38
AUT 1 0 2 2
AZE 1 6 7 13
BAH 1 0 1 2
BAR 0 0 0 0
BDI 0 1 0 1
BEL 3 2 2 6
BER 1 0 0 1
BLR 1 5 4 9
BOH 0 0 0 0
BOT 0 0 0 0
BRA 9 8 6 22
BRN 1 1 1 2
BUL 2 1 2 4
BUR 0 0 0 0
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et 3.13 Tugtuuud 1 ezdunsnennssfiinlunisuasiueounas 2 a5s (an)

country gold silver bronze all
CAN 6 4 12 21
CHI 0 0 0 0
CHN 38 23 34 95
Clv 1 0 1 1
CMR 0 0 0 0
COL 2 2 4 7
CRC 0 0 0 0
CRO 6 3 3 12
CUB 7 2 4 12
CYP 0 0 0 0
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et 3.13 Tugtuuud 1 ezdunsnennssfiinlunisuasiueounas 2 a5s (an)

country gold silver bronze all

CZE 3 3 7 12
DEN 3 7 7 16
DJI 0 0 0 0
DOM 0 0 2 2
ECU 1 0 1 2
EGY 1 1 2 3
ERI 0 0 0 0
ESP 7 6 7 19
EST 1 0 1 1
ETH 1 2 3 6
EUN 0 0 0 0
FIJ 1 0 0 1
FIN 0 1 1 1
FRA 1 17 15 42
FRG 0 0 0 0
GAB 0 0 0 0
GBR 28 25 21 73
GDR 0 0 0 0
GEO 2 1 5 8
GER 15 13 16 44
GHA 0 0 0 0
GRE 3 1 2 5
GRN 0 1 0 1
GUA 0 0 0 0
GUY 0 0 0 0
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et 3.13 Tuguuuudl 1 azdunawennsoiiintunisussdugeumas 2 A%9 (99)

country gold silver bronze all
HAI 0 0 0 0
HKG 1 0 1 2
HUN 8 4 5 16
INA 2 2 1 5
IND 1 1 1 3
I0A 1 0 1 1
RI 3 2 3 8
IRL 2 3 0 4
IRQ 0 0 0 0
ISL 0 0 0 0
ISR 1 0 1 2
ISV 0 0 0 0
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Nl 3.13 Tuguuuudt 1 azdunsnennsafivintunisuasinaewnas 2 53 (an)

country gold silver bronze all

ITA 10 13 10 33
JAM 5 4 2 10
JOR 1 0 1 1
JPN 21 10 18 48
KAZ 2 4 5 1
KEN 5 6 3 13
KGZ 0 0 1 1
KOR 8 5 7 19
KOS 2 0 0 2
KSA 0 0 1 1
KUW 0 0 0 0
LAT 1 0 0 1
LBN 0 0 0 0
LIE 0 0 0 0
LTU 0 2 3 5
LUX 0 0 0 0
MAS 0 6 1 7
MDA 0 0 0 0
MEX 0 4 1 5
MGL 0 1 1 2
MIX 0 0 0 0
MKD 0 0 1 1
MNE 0 0 0 0
MOZ 0 0 0 0
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Nl 3.13 Tuguuuudt 1 azdunsnennsafivintunisuasinaewnas 2 53 (an)

country gold silver | bronze all
MRI 0 0 0 0
NAM 0 0 1 1
NED 10 7 9 25
NGR 0 0 1 1
NIG 0 1 0 1
NOR 3 0 4 7
NZL 8 10 7 24
OAR 0 0 0 0
PAK 0 0 0 0
PAN 0 0 0 0
PAR 0 0 0 0
PER 0 0 0 0
PHI 1 1 1 2
POL 4 3 7 13
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Nl 3.13 Tuguuuudt 1 azdunsnennsafivintunisuasinaewnas 2 53 (an)
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Nl 3.13 Tuguuuudt 1 azdunsnennsafivintunisuasinaewnas 2 53 (an)

country gold silver | bronze all
THA 2 2 1 5
TKK 1 0 0 1
TKM 0 0 1 1
TOG 0 0 0 0
TPE 2 0 3 5
TT0 0 0 1 1
TUN 1 0 2 3
TUR 2 3 3 7
UAE 0 0 1 1
UAR 0 0 0 0
UGA 1 0 1 2
UKR 2 5 6 12
URS 0 0 0 0
URU 0 0 0 0
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et 3.13 Tugtuuud 1 exdunsnennssfiinlunisuasiueounas 2 a5s (an)

country gold silver bronze all

USA 44 38 42 123
UzB 4 2 4 9
VEN 1 2 2 4
VIE 1 1 0 1
WIF 0 0 0 0
YUG 0 0 0 0
ZAM 0 0 0 0
ZIM 0 0 0 0

o (dl v 3 P v & 1 o v o 3 d|d
IINNAANET (A siulAan 1 TneNnT o uNNTuRITHEaUNAY 2 ASY UsmATE
AEHaziuE B asINTign 5 SudU AT
1) USA (United States of America) finaaeysanagfl 123 wideey uwuaidu wssgnes
Itdl 44 = = a It:l 38 = = Itil 42 =4
Be71 44 WT80Y WiEHYRUBYT 38 WiEny Wanyyasuasayil 42 sty

=

2) CHN (China) mw%m‘swmﬁiﬁ 95 widery wuaiiu m%‘mywmmgjﬁ 38 L93seY

(]
=

=4 = Itil = = =4
Wity Ruegfl 23 WiGeny WEnnesuaayfl 34 sty
3) GBR (United Kingdom of Great Britain and Northern Ireland) i3 geysanag A 73
=4 ' = Itdl = = a Itil =4 = Itil
widzey wualn wasgveseyl 28 widaey widagydueydl 25 widtgy widngyeuaseyf 21
=4
WisEIgY
. a a Idl =9 ' = Idl =9
4) RUS (Russia) fndeaysanayfl 66 wdeny wuaildn wlagyveseyfl 22 m3sgy
=4 = Itil = = Itdl =4
Wity Ruegil 19 WiGeny WEnynesuaayfl 26 masy
5) JPN (Japanese) uidasysanagfl 48 widnay wuaiu wsgvesayfl 21 wdaegy

= a Idl = = Idl =
AT KBV 10 Wissey A Y NBNLLANBEN 18 Wisety



et 3.14 Tuguuuud 2 axfunisnennsmfinnlunnsuesinegewnas 4 A5s

country | gold pr | silver pr | bronze pr | all pr
MAR 0 0 1 1
AFG 0 0 1 1
AHO 0 0 0 0
ALG 0 1 0 1
ANZ 0 0 0 0
ARG 2 1 2 5
ARM 0 2 2 4
AUS 14 16 13 42
AUT 0 1 1 2
AZE 1 3 6 10
BAH 1 0 1 2
BAR 0 0 0 0
BDI 0 0 0 0
BEL 2 1 1 4
BER 0 0 0 0
BLR 2 5 5 12
BOH 0 0 0 0
BOT 0 0 0 0
BRA 6 6 9 21
BRN 1 0 0 1
BUL 1 1 2 4
BUR 0 0 0 0
CAN 4 6 11 22
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el 3.14 Tugtuuud 2 exdunsneannssfivniunisuesingewnas 4 A53 (as)

country | gold pr | silver pr | bronze pr | all pr
CHI 0 0 0 0
CHN 44 26 31 101
Clv 0 0 0 1
CMR 0 0 0 1
CoL 1 2 3 6
CRC 0 0 0 0
CRO 4 2 3 9
CUB 5 5 8 18
CYP 0 0 0 0
CZE 3 3 5 "
DEN 3 5 6 13
DJI 0 0 0 0
DOM 1 1 1 2
ECU 1 0 0 1
EGY 0 1 2 3
ERI 0 0 0 0
ESP 6 10 5 22
EST 1 1 1 2
ETH 2 2 2 7
EUN 0 0 0 0
FIJ 1 0 0 1
FIN 0 1 1 3
FRA 10 15 16 41
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el 3.14 Tugtuuud 2 exdunsneannsmfivniunisuesingewnas 4 a53 (as)

FRG 0 0 0 0
GAB 0 0 0 0
GBR 27 21 21 69
GDR 0 0 0 0
GEO 2 2 4 7
GER 16 16 16 47
GHA 0 0 0 0
GRE 1 2 2 5
GRN 0 0 0 1
GUA 0 0 0 0
GUY 0 0 0 0
HAI 0 0 0 0
HKG 0 0 1 1
HUN 7 4 5 16
INA 2 2 2 5
IND 1 1 2 4
IOA 0 0 0 1
RI 3 2 2 8
IRL 1 2 2 4
IRQ 0 0 0 0
ISL 0 0 0 0
ISR 1 0 1 1
ISV 0 0 0 0
ITA 9 11 10 30
JAM 5 4 2 10
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el 3.14 Tugtuuud 2 exdunsneannssfivniunisuesingewnas 4 A53 (as)

country

gold pr

silver pr

bronze pr

all pr
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0
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el 3.14 Tugtuuud 2 ezidunsnennssfivniunisuesingewnas 4 a53 (an)

country | gold pr | silver pr | bronze pr | all pr
NGR 0 1 1 2
NIG 0 0 0 0
NOR 3 2 3 7
NZL 7 5 6 19
OAR 0 0 0 0
PAK 0 0 0 0
PAN 0 0 0 0
PAR 0 0 0 0
PER 0 0 0 0
PHI 0 0 1 1
POL 4 3 6 13
POR 1 1 1 2
PRK 2 2 2 5
PUR 1 0 0 1
QAT 1 0 1 1
ROU 3 3 3 8
RSA 2 3 1 6
RUS 23 19 27 68
SAM 0 0 0 0
SCG 0 0 0 0
SEN 0 0 0 0
SGP 0 0 1 1
SLO 2 2 2 5
SMR 0 0 1 1
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el 3.14 Tugtuuud 2 ezidunsnennssfivniunisuesingewnas 4 a53 (an)

country

gold pr

silver pr

bronze pr

all pr
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et 3.14 Tuguuuud 2 anfunisnennsmfivntunnsuesinegewnas 4 a3s (an)

country gold silver bronze all
USA 44 37 39 119
UzB 2 1 3 6
VEN 1 1 1 2
VIE 0 1 0 1
WIF 0 0 0 0
YUG 0 0 0 0
ZAM 0 0 0 0
ZIM 0 1 0 1

o ‘zil Vv z <& v & 1 o v o 3 zild
IMNHATNET IAx I ziNlAn1TneInT AT U iue e unaS 4 ASS Usuinafid
ARWaua B asNInfign 5 Uiy A
1) USA (United States of America) fiaaeysanagil 119 wissey wuaidu wdagmnes
Idl 44 =9 = a Idl 37 =9 =9 Idl 39 =\
DYl 44 Wigey WiuyRuedl 37 Wawey Widagyveuaseydl 39 mkuy
2) CHN (China) §wi3eysanasdl 101 wieey uwuadn ssgnesasql 44 Wsugy
U U
=4 =N Idl =4 = Idl =\
WaEtyRueel 26 Wisesy WEeynesuasyl 31 sy
3) GBR (United Kingdom of Great Britain and Northern Ireland) #115aey59898 7 69
=4 ! =\ Idl = =4 =N IA =4 =9 Idl
wispey uwuain wBtgmesey?l 27 widegy Wiy Rueydl 21 wikeey Wy esuaseyi 21
=\
BBy
. = =% Idl =% ' =% IA =%
4) RUS (Russia) Hwidaayaanoyfl 68 wideay wualdn wssgveseyil 23 wdugy
=4 = Idl 19 = = Idl 27 =
WisseyIuagil 19 witesy Wasgnesuaseyil 27 ssgy
5) GER (Germany) fwidaysanaydl 47 wissey wualu wdaveseyd 16 widamny

= a Idl = = Idl =
AT KBV 16 Wissty PASE Y NBNLANBEN 16 Wiqety
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FINHANTTNEINTO MENTTUIT UL DUARI 2 A9 AUNTTNEINTO LHATTUYIT
DU 4 A59 HNRANTATTNLANATNLAZATATTNANTALARNDN A9
1) USA (United States of America) fIHAANTAITHLANANIHNITUITH 2 URY 4 ASY
o/ dy = = = =Y = =
AT AREEYNEN O LNFRITY NG RN 1 W3 NaIueN 3 I3ty
2) CHN (China) SINAANTAITHLANAN HN1TUWAITH 2 LAY 4 ASIAI IAFLYVIaN 6
= =} =Y = =
ARRITY ARLIYRU 3 IARYNDILAY 3 asiey
3) GBR (United Kingdom of Great Britain and Northern Ireland) HNAaWSAIHLANATY
WN15u29TU 2 uay 4 ASIFAT WBseed 1 WiBty Wi R 4 Widanyeauad 0 Widusy
4) RUS (Russia) S HAANEATTHLANANIHANTUITYN 2 LAz 4 ASIA9G WARHYNDY 1
= =} =Y = =
WAy FERU O RLYBIUAN 1 asey
5) TUNRANEEUAUT 5 fAn19iasuudasan nutazidunasls sy Aluni19ue g 2
A5 1171 JPN (Japanese) wazfin19iUA snutastunisuaedi 4 a39 1y GER (Germany) #
NAANWTAITHLANANIBINTHTY ASH INTHYNEN 5 ALY FLQYRU 6 INIHYABILAN 2

=
Wiasey
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< ! o i o & o < Y
FINHANTTNYINTIIINNITULITUHDUNAS 2 A9 AUNITNEINTDI IHNITUY 9T
YBUNAT 4 A9 WU BuAU 169 4 ndn1swdeundacda g unddusud 578013

] 1 v o 3
Wasuulas g lanadns

WAZATTHLANANAIIHA NI WATNET o [Winn1smiatmsaaaAaawieiias: o
donanazlirayaniaunii 2 A3s winnisuaii 4 ass Tnalanadns @l
Tunnsuzediu 2 A%y

1) USA (United States of America) ﬁﬁ’]ﬂ%ﬂﬂ@ﬂﬂ@?ﬁﬂ%ﬂ@iﬁ m‘%mywm@éﬁ 13.19%
B0y 16.48% AFEEYNBILAN 9.41%

2) CHN (China) #A1ANNARIALAR BUBY T WYY 38.42% N3uiIu

44.33% WRYNBILAY 18.42%

3)GBR (United Kingdom of Great Britain and Northern Ireland) ﬁﬁ’wmfm ﬂ@ﬂmﬂiﬁlﬂu
frﬂg_jﬁ m’%mywm@g:ﬁ 19.00% Wi 31 20.28% WAHYVNAILAN 9.81%

4) RUS (Russia) ﬁéwmqmmmﬂﬁ'@u@éﬁ m‘%mymmg_jﬁ 7.14% Wiasiey 31 20.31%
WBHENESUAY 29.02%

5) JPN (Japanese) ﬁﬁﬁ’mmmmmmﬁlmﬂ%}ﬁ m%mywmﬂgjﬁ 51.37% LA3HYLISU
32.14% Witenadua 26.01%

Tasnaunsiugnunds 2 ASIHAANEANANARIALARDITIN MAPA a8l 35.53%
Tunnsuasdu 4 pss

1) USA (United States of America) ﬁéqmwmmmm’%@uﬂﬁﬁ m’%mywmﬂg:‘ﬁ' 9.07%
WAy R 15.45% WAL NasueN 8.97%

2) CHN (China) #A1AIINASIALAR ouaL 7 InSumevag @i 23.19% Faq 3
35.02% WAL NBILeN 18.42%

3)GBR (United Kingdom of Great Britain and Northern Ireland) ﬁﬂlﬂﬂm&l ﬂﬂﬁmﬂfﬁlﬂu
@gjﬁ m%mywm@gjﬁ 22.33% WAty (i 26.05% WILYNasueN 14.71%

4) RUS (Russia) §ANATHASIALAR BuDe 7 InSeqmesny il 21.21% mSsqiu

33.85% WA VIAILAY 40.54%
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5) GER (Germany) fflAnArnAanadaunyfl widtgmeseydl 45.00% wisn§u
47.08% WRHIYNBILAY 21.29%

L 4 o A o ! 1 [
Tﬂ%lﬂ"l‘iLLﬂ\‘l"lluEIﬂuViﬂx‘i 4 AIHNRANTATAITHARTIALARD W MAPE ‘i’]&lﬂ%ﬁ 39.16%

anuaiilnAmanuaslndiinisnensneantioime 2 UMY N1Suasiueaunas 2
A9 LAENITUTIT UL DUARY 4 M«Tw%gmmu Time Series Analysis A9838119 Moving
Average A9lnraagiiunislanayatunisussdiugaunds 2 a5s SefianaruaainAd ou

MAPE 9anagil 35.55%

3.2.3 N1angnTRnlesEunaausndulunismusdresfiiunaslssnm

ABIWAINZU TSN
z ¥ o - . . v s

Tuinmantsneinsnifiazlsnisnennsniguuuees Time Series Andlysis A28A5N15
Moving Average IHN1NEINIMILAZATITIBUAITHARIAARDUIBNIDYE Inafieztruann3
famfidsznavlUaty 3 waanidam (Aun country_3_letter_code, discipline_title, medal_type
Tagazyinnnswensaimaaiuey 2 suuuy laun n1swenssslunisuasdi 2 A59 uay ns

o "o & A A - A ! T2 A
wenTodlun1Tueein 4 Ase efierlnlseuiisuauuanaszeslesiduaniinany
LANATNUAZAITHARTALAR B1YDIT DY aNINNae IR evinlnatuguuunisnansning
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aaft 3.15 Tugtuuud 1 azidunsnennsadunisuesingeunas 2 A5s

Sports County Predict MAPE
3x3 basketball LAT 50.00% 50.00%
3x3 basketball USA 50.00% 50.00%
Archery KOR 66.67% 0.00%
Artistic Gymnastics CHN 20.00% 50.00%
Artistic Swimming ROC 100.00% 50.00%
Athletics USA 15.87% 28.57%
Sports County Predict MAPE
Badminton CHN 18.18% 50.00%
Baseball

Baseball/Softball

Basketball USA 100.00% 0.00%
Beach Volleyball BRA 20.00% 0.00%
Beach Volleyball GER 20.00% 0.00%
Beach Volleyball NOR 20.00% 50.00%
Beach Volleyball USA 20.00% 0.00%
Boxing CUB 17.39% 12.50%
Canoe Slalom AUS 12.50% 50.00%
Canoe Slalom CZE 12.50% 50.00%
Canoe Slalom ESP 12.50% 0.00%

107



aanl 3.15 Tuguuuudt 1 ezdunsnennsmlunisussdugenunds 2 A3 (9a)

Sports County Predict MAPE
Canoe Slalom FRA 12.50% 0.00%
Canoe Slalom GBR 12.50% 0.00%
Canoe Slalom GER 12.50% 50.00%
Canoe Slalom SLO 12.50% 50.00%
Canoe Slalom SVK 12.50% 0.00%
Canoe Sprint GER 15.79% 100.00%
Canoe Sprint HUN 15.79% 0.00%
Cycling BMX COL 50.00% 0.00%
Cycling BMX USA 50.00% 0.00%
Cycling BMX AUS 50.00% 50.00%
Freestyle

Cycling BMX GBR 50.00% 50.00%
Freestyle

Cycling BMX Racing | GEO 50.00% 0.00%
Cycling BMX Racing | NGR 50.00% 0.00%
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el 3.15 Tuguuuudt 1 exdunsnennsmlunisussdugaunds 2 a9 (99)

Sports County Predict MAPE
Cycling Mountain Bike | GBR 33.33% 50.00%
Cycling Mountain Bike | SUI 33.33% 0.00%
Cycling Mountain Bike | SWE 33.33% 0.00%
Cycling Road AUT 12.50% 50.00%
Cycling Road BEL 12.50% 0.00%
Cycling Road ECU 12.50% 50.00%
Cycling Road NED 12.50% 0.00%
Cycling Road SLO 12.50% 50.00%
Cycling Road USA 12.50% 0.00%
Cycling Track GBR 33.33% 16.67%
Diving CHN 77.78% 0.00%
Equestrian GER 50.00% 50.00%
Equestrian Dressage GBR 50.00% 0.00%
Equestrian Dressage GER 50.00% 0.00%
Equestrian Eventing FRA 50.00% 0.00%
Equestrian Eventing GER 50.00% 0.00%
Equestrian Jumping FRA 33.33% 0.00%
Equestrian Jumping GBR 33.33% 0.00%
Fencing FRA 10.00% 25.00%
Fencing HUN 10.00% 50.00%
Fencing ROC 10.00% 50.00%
Fencing RUS 10.00% 0.00%
Football BRA 20.00% 0.00%
Golf GBR 33.33% 0.00%
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aaft 3.15 Tugtuuud 1 ezdunsnennsslunisusiugeunas 2 A53 (as)

Golf KOR 33.33% 0.00%
Golf USA 33.33% 50.00%
Gymnastics Artistic USA 3.33% 0.00%
Gymnastics Rhythmic RUS 100.00% 0.00%
Handball DEN 33.33% 0.00%
Handballl FRA 33.33% 25.00%
Handball RUS 33.33% 0.00%
Hockey ARG 20.00% 0.00%
Hockey BEL 20.00% 50.00%
Hockey GBR 20.00% 0.00%
Hockey NED 20.00% 0.00%
Judo JPN 25.00% 38.89%
Karate BUL 12.50% 50.00%
Karate EGY 12.50% 50.00%
Karate ESP 12.50% 50.00%
Karate FRA 12.50% 50.00%
Karate RI 12.50% 50.00%
Karate ITA 12.50% 50.00%
Karate JPN 12.50% 50.00%
Karate SRB 12.50% 50.00%
Marathon Swimming BRA 33.33% 50.00%
Marathon Swimming GER 33.33% 50.00%
Marathon Swimming NED 33.33% 0.00%




el 3.15 Tuguuuudt 1 exdunsnennsmlunisussdugaunds 2 a9 (99)

Sports County Predict MAPE
Cycling Mountain GBR 33.33% 50.00%
Bike

Cycling Mountain Sul 33.33% 0.00%
Bike

Cycling Mountain SWE 33.33% 0.00%
Bike

Cycling Road AUT 12.50% 50.00%
Cycling Road ECU 12.50% 50.00%
Cycling Road NED 12.50% 0.00%
Cycling Road SLO 12.50% 50.00%
Cycling Road Sul 12.50% 0.00%
Cycling Road USA 12.50% 0.00%
Cycling Track GBR 33.33% 16.67%
Diving CHN 77.78% 0.00%
Equestrian GER 50.00% 50.00%
Equestrian Dressage | GBR 50.00% 0.00%
Equestrian Dressage | GER 50.00% 0.00%
Equestrian Eventing | FRA 50.00% 0.00%
Equestrian Eventing | GER 50.00% 0.00%
Equestrian Jumping FRA 33.33% 0.00%
Equestrian Jumping GBR 33.33% 0.00%
Fencing FRA 10.00% 25.00%
Fencing HUN 10.00% 50.00%
Fencing ROC 10.00% 50.00%
Fencing RUS 10.00% 0.00%
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el 3.15 Tuguuuudt 1 exdunsnennsmlunisussdugaunds 2 a9 (99)

Sports County Predict MAPE
Football BRA 20.00% 0.00%
Modern Pentathlon AUS 25.00% 0.00%
Modern Pentathlon GBR 25.00% 50.00%
Modern Pentathlon RUS 25.00% 0.00%
Rhythmic Gymnastics | BUL 50.00% 50.00%
Rhythmic Gymnastics | ISR 50.00% 50.00%
Rowing NZL 13.04% 0.00%
Rugby AUS 33.33% 0.00%
Rugby FIJ 33.33% 0.00%
Rugby Sevens FIJ 50.00% 50.00%
Rugby Sevens NZL 50.00% 50.00%
Sailing GBR 13.64% 16.67%
Shooting CHN 9.09% 50.00%
Skateboarding JPN 66.67% 50.00%
Softballl

Sport Climbing ESP 50.00% 50.00%
Sport Climbing SLO 50.00% 50.00%
Surfing BRA 50.00% 50.00%
Surfing USA 50.00% 50.00%
Swimming USA 30.43% 22.73%
Synchronized

Swimming RUS 100.00% 0.00%
Table Tennis CHN 80.00% 0.00%
Taekwondo AZE 6.25% 0.00%
Taekwondo CHN 6.25% 0.00%
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el 3.15 Tuguuuudt 1 exdunsnennsmlunisussdugaunds 2 a9 (99)

Sports County Predict MAPE
Taekwondo CRO 6.25% 50.00%
Taekwondo GBR 6.25% 0.00%
Taekwondo ITA 6.25% 0.00%
Taekwondo JOR 6.25% 0.00%
Taekwondo KOR 6.25% 0.00%
Taekwondo ROC 6.25% 50.00%
Taekwondo SRB 6.25% 0.00%
Taekwondo THA 6.25% 50.00%
Taekwondo USA 6.25% 50.00%
Taekwondo UZB 6.25% 50.00%
Tennis CRO 9.09% 50.00%
Tennis CZE 9.09% 50.00%
Tennis ESP 9.09% 0.00%
Tennis GBR 9.09% 0.00%
Tennis GER 9.09% 50.00%
Tennis PUR 9.09% 0.00%
Tennis ROC 9.09% 50.00%
Tennis RUS 9.09% 0.00%
Tennis SUl 9.09% 50.00%
Tennis USA 9.09% 0.00%
Trampoline BLR 14.29% 0.00%
Trampoline CAN 14.29% 0.00%
Trampoline

Gymnastics CHN 100.00% 50.00%




el 3.15 Tuguuuudt 1 exdunsnennsmlunisussdugaunds 2 a9 (99)

Sports County Predict MAPE
Triathlon GBR 20.00% 0.00%
Triathlon NOR 20.00% 50.00%
Triathlon USA 20.00% 0.00%
Volleyball BRA 20.00% 0.00%
Volleyball CHN 20.00% 0.00%
Volleyball FRA 20.00% 50.00%
Volleyball USA 20.00% 50.00%
Water Polo SRB 50.00% 0.00%
Water Polo USA 50.00% 0.00%
Weightlifting CHN 30.00% 14.29%
Wrestling JPN 19.23% 10.00%
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o o‘d' v 3 < v Pl & < P '
FINHARAND T (AN HIZIR R IAIIN1TNEINT L5 1wy A NRna T ulung

FuzdrasinumazUssmessunazlszme lagazenien 3 dszmad faanmnazduiige

1
o/

al A A &
BRACHATATTHNARTALANBRYIAT AN

1) UsznmAnn Athletics 152wt USA (United States of America) Haqaduiaziiiuiiay
FURABYT 15.87% ANANNARIALARBUBLY 28.57%

2) Uszanfivn Weightlifting Uszine CHN (China) ﬁmwﬁwuﬁuﬁ'%%uuﬁﬂ@%ﬁ
30.00% AAIHARIALAREUDYT 14.20%
%) Uszinnfinin Swimming U5zwmie USA (United States of America) fiaausnazidiud

FLIULRADYT 30.43% ANAINARIALARDNDEYT 22.75%

. i > 4 o 3
il 3.16 Tustuuud 2 szdunisneinsslunisuesiugeunds 4 A5s

Sports County | Predict MAPE
3x3 basketball LAT 50.00% | 50.00%
3x3 basketball USA 50.00% | 50.00%
Archery KOR 50.00% | 12.50%
Artistic Gymnastics BEL 11.11% 50.00%

Artistic Gymnastics BRA 11.11% 50.00%

Artistic Gymnastics CHN 11.11% 50.00%

Artistic Gymnastics GBR 11.11% 50.00%

Artistic Gymnastics ISR 11.11% 50.00%

Artistic Gymnastics JPN 11.11% 50.00%

Artistic Gymnastics KOR 11.11% 50.00%

Artistic Gymnastics ROC 11.11% 50.00%

Artistic Gymnastics USA 11.11% 50.00%

Artistic Swimming ROC 100.00% | 50.00%

Athletics USA 12.16% | 85.71%




el 3.16 Tugtuund 2 azidunisnensadlunisuiugeunas 4 A53 (as)

Sports County | Predict MAPE
Badminton CHN 33.33% | 50.00%
Baseball KOR 100.00% | 0.00%
Baseball/Softball

Basketball USA 100.00% | 0.00%
Beach Volleyball BRA 25.00% | 0.00%
Beach Volleyball GER 25.00% | 0.00%
Beach Volleyball NOR 25.00% | 0.00%
Beach Volleyball USA 25.00% | 0.00%
Boxing GBR 9.09% 0.00%
Canoe Slalom AUS 11.11% 50.00%
Canoe Slalom CZE 11.11% 50.00%
Canoe Slalom ESP 11.11% 0.00%
Canoe Slalom FRA 11.11% 0.00%
Canoe Slalom GBR 11.11% 0.00%
Canoe Slalom GER 11.11% 0.00%
Canoe Slalom ITA 11.11% 0.00%
Canoe Slalom SLO 11.11% 50.00%
Canoe Slalom SVK 11.11% 0.00%
Canoe Sprint GER 15.79% | 100.00%
Canoe Sprint HUN 15.79% | 0.00%
Cycling BMX COL 25.00% | 0.00%
Cycling BMX FRA 25.00% | 0.00%
Cycling BMX USA 25.00% | 0.00%
Cycling BMX Freestyle | AUS 50.00% | 50.00%
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el 3.16 Tugtuund 2 azdunisnennsadlunisuiugeunas 4 A53 (as)

Sports County | Predict | MAPE

Cycling BMX Freestyle | GBR 50.00% | 50.00%

Cycling BMX Racing GEO 50.00% | 0.00%

Cycling BMX Racing NGR 50.00% | 0.00%

Cycling Mountain Bike | CZE 16.67% | 0.00%

Cycling Mountain Bike | FRA 16.67% | 0.00%

Cycling Mountain Bike | GBR 16.67% | 50.00%

Cycling Mountain Bike | GER 16.67% | 0.00%

Cycling Mountain Bike | SUI 16.67% | 0.00%

Cycling Mountain Bike | SWE 16.67% | 0.00%

Cycling Road AUT 10.00% | B0.00%
Cycling Road BEL 10.00% | 0.00%
Cycling Road ECU 10.00% | 50.00%
Cycling Road ESP 10.00% | 0.00%
Cycling Road GBR 10.00% | 0.00%
Cycling Road NED 10.00% | 0.00%
Cycling Road SLO 10.00% | 50.00%
Cycling Road SUl 10.00% | 0.00%
Cycling Road USA 10.00% | 0.00%
Cycling Track GBR 38.46% | 16.67%
Diving CHN 63.64% | 0.00%
Equestrian GBR 33.33% | 50.00%
Equestrian GER 33.33% | 50.00%

Equestrian Dressage GBR 33.33% | 0.00%

Equestrian Dressage GER 33.33% | 0.00%




el 3.16 Tugtuund 2 azdunisnennsadlunisuiugeunas 4 A53 (as)

Sports County | Predict | MAPE
Equestrian Dressage NED 33.33% | 0.00%
Equestrian Eventing GER ©66.67% | 0.00%
Equestrian Jumping CAN 20.00% | 0.00%
Equestrian Jumping FRA 20.00% | 0.00%
Equestrian Jumping GBR 20.00% | 0.00%
Equestrian Jumping Sul 20.00% | 0.00%
Equestrian Jumping USA 20.00% | 0.00%
Fencing FRA 11.11% | 0.00%
Fencing ITA 11.11% | 0.00%
Fencing RUS 11.11% 0.00%
Football ARG 16.67% | 0.00%
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el 3.16 Tugtuund 2 azdunisnennsadlunisuiugeunas 4 A53 (as)

Sports County | Predict MAPE
Football BRA 16.67% | 0.00%
Football CAN 16.67% | 50.00%
Football GER 16.67% | 0.00%
Football MEX 16.67% | 0.00%
Football USA 16.67% | 0.00%
Golf GBR 33.33% | 0.00%
Golf KOR 33.33% | 0.00%
Golf USA 33.33% | 0.00%
Gymnastics Artistic CHN 20.00% | 0.00%
Gymnastics Rhythmic | RUS 100.00% | 0.00%
Handball DEN 25.00% | 0.00%
Handball FRA 25.00% | 25.00%
Handball NOR 25.00% | 0.00%
Handball RUS 25.00% | 0.00%
Hockey ARG 20.00% | 0.00%
Hockey BEL 20.00% | 50.00%
Hockey GBR 20.00% | 0.00%
Hockey GER 20.00% | 0.00%
Hockey NED 20.00% | 0.00%
Judo JPN 20.00% | 27.78%
Karate EGY 12.50% | 50.00%
Karate ESP 12.50% | 50.00%
Karate IRI 12.50% | 50.00%
Karate ITA 12.50% | 50.00%
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el 3.16 Tugtuund 2 azdunisnennsadlunisuiugeunas 4 A53 (as)

Sports County | Predict MAPE
Karate JPN 12.50% | 50.00%
Karate SRB 12.50% | 50.00%

Marathon Swimming | BRA 16.67% | 50.00%

Marathon Swimming | GER 16.67% | 50.00%

Marathon Swimming HUN 16.67% | 0.00%

Marathon Swimming RUS 16.67% | 0.00%

Marathon Swimming | TUN 16.67% | 0.00%

Modern Pentathlon AUS 16.67% 0.00%

Modern Pentathlon GBR 16.67% 50.00%

Modern Pentathlon GER 16.67% 0.00%

Modern Pentathlon LTU 16.67% 0.00%

Modern Pentathlon RUS 16.67% 0.00%

Rhythmic Gymnastics | BUL 50.00% | 50.00%

Rhythmic Gymnastics | ISR 50.00% | 50.00%
Rowing GBR 11.11% 0.00%
Rowing NZL 11.11% 16.67%
Rugby AUS 50.00% | 0.00%
Rugby FIJ 50.00% | 0.00%
Rugby Sevens FlJ 50.00% | 50.00%
Rugby Sevens NZL 50.00% | 50.00%
Sailing GBR 17.65% | 0.00%
Shooting CHN 10.00% | 12.50%
Shooting USA 10.00% | 16.67%

Skateboarding AUS 50.00% | 50.00%
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el 3.16 Tugtuund 2 azdunisnennsadlunisuiugeunas 4 A53 (as)

Sports County | Predict MAPE
Skateboarding JPN 50.00% | 50.00%
Softball JPN 100.00% | 0.00%
Sport Climbing ESP 50.00% | 50.00%
Sport Climbing SLO 50.00% | 50.00%
Surfing BRA 50.00% | 50.00%
Surfing USA 50.00% | 50.00%
Swimming USA 30.43% | 13.64%
Synchronized

Swimming RUS 100.00% | 0.00%
Table Tennis CHN 80.00% | 0.00%
Taekwondo KOR 10.53% | 0.00%
Tennis USA 16.67% | 0.00%
Trampoline BLR 33.33% | 0.00%
Trampoline CAN 33.33% | 0.00%
Trampoline CHN 33.33% | 0.00%
Trampoline

Gymnastics CHN 100.00% | 0.00%
Triathlon BER 14.29% | 50.00%
Triathlon GBR 14.29% | 0.00%
Triathlon NOR 14.29% | 50.00%
Triathlon SUl 14.29% | 0.00%
Triathlon USA 14.29% | 0.00%
Volleyball BRA 20.00% | 0.00%
Volleyball CHN 20.00% | 0.00%




el 3.16 Tugtuund 2 azdunisnennsadlunisuiugeunas 4 A53 (as)

Sports County | Predict MAPE
Volleyball FRA 20.00% | 50.00%
Volleyball RUS 20.00% | 0.00%
Volleyball USA 20.00% | 0.00%
Water Polo CRO 20.00% | 0.00%
Water Polo HUN 20.00% | 0.00%
Water Polo NED 20.00% | 0.00%
Water Polo SRB 20.00% | 0.00%
Water Polo USA 20.00% | 0.00%

122



el 3.16 Tugtuund 2 azdunisnennsadlunisuiugeunas 4 A53 (as)

Sports County | Predict MAPE
Weightlifting CHN 24.00% | 14.29%
Wrestling JPN 14.29% | 20.00%
Wrestling RUS 14.29% | 0.00%
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a ! A Ao o &
LaTHATANNARTIALAREUAFN Aail
1) Usznnfinia Athletics Uszmn@ USA (United States of America) fAandunazidinfias
FULRABYT 12.16% AIANARIALARDUBYT 85.71%

2) Usznnfsia Weightlifting 15zmet CHN (China) & panuunaziiufiazausidrond

U

24.00% ﬁ%"lﬂfJ"lNﬂ@WﬂLﬂﬁlﬂuﬂé‘ﬁ 14.29%

%) Usznnfinin Swimming U5zwmiet USA (United States of America) fiaausnazidiud

|
=

LIULRADYT 30.43% ANAINARIALARBUDYT 13.64%

L ' & [ % i ' & Y
"V’]ﬂN@ﬂ’ﬁWﬂWﬂﬁmTMﬂW‘jLL?N"EI‘M 2 A3 ﬂUﬂWiWﬂqﬂﬁmTuﬂ”liLLﬂflﬁu 4 A3 Tﬂﬁﬁ

AHARIALAREHIAETINIBIIINN1TUBNTN 2 A39 uaz Tunnsueedi 4 A9 agd

1) Tunnsunedn 2 a5y parmaRenlnsaeyf 25%

2) Tunnaunsiu 4 a5 Asnaedenlnasanagil 18%
Falnvaagulnnislaeeyalunnsundigewas 4 A GefiapanuaanAARe MAPE 5930g
7l 18%
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o 4
3.3 N1TRANLULLAZWRILTU (%

3.3.1 WARATNLEUN (Context Diagram)
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3.3.2 UNHATNTLUEEY@TEALT O (Data Flow Diagram Level 0)
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amil 3.25 WNHATWNTEUAYBYATEALT O (Data Flow Diagram Level 0)



INANT 3.25 URASUNUNTNNTEUA2B3ATEALT O (Data Flow Diagram Level O)
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Process Description
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System nAeseayansuesiuiinladndn
i lrd st ay ALl (s

DFD Number 1

Process Name '%/mm‘j"ﬂyﬂgﬂﬁvh

Input Data Flow %ﬂéd@ﬁﬂ’]

Output Data Flow

2BYATNT T129MUIBYATNN

Data Store Used

VBYATNN

Description
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o a o/ id L
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Process Description
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o ¥ s
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mi'Nﬁ 3.19 LAANAIDDUIYNTZUINUNITL
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Process Description
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Al 3.26 WNHNTNNTEURYB3ATEALT 1 (Data Flow Diagram Level 1)
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Process Description
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Description
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3.3.5 AINHANRUT2B9g IUIRYR (ER Diagram)

n & db_olympic oly_sport
2 oly_sport_id : int(11)

@ sportname : varchar(200)
@ sportnameth : varchar(250)

n © db_olympic oly_gender
2 oly_gender_id : int(11)
5 gendertype : varchar(10)

R
Yo @ oymoic olympic
2 id_oly : int(11)
« # oly_sport_id : int(11)
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B o o olympic oly_years
¢ id_years_number : int(11)
# years - int(11)

@ yearsname : varchar(200)

# oly_year_id : int(11)
2 oly_event : varchar(200)
# oly_gender_id : int(11)

B o o oympicoly_medal b« 4 oly_medal id - int(11) >
2 oly_medal_id : int(11) # oly_team_id - int(11)
2 medaltype : varchar(10) # oly_ct_id - int(11)

# oly_ctcd_id : int(11)
' y

n © db olympic oly_country
2 oly_country_id : int(11)

@ countryname : varchar(200)

@ country_name_th : varchar(250)

g @ b olympic oly_team

2 oly_team_id : int(11)
5 teamtype : varchar(200)

B o @ oympic oly_country_code
2 oly_countrycode_id : int(11)
@ countrycode : varchar(10)

A 3.26 AIHANIUEYDIZIWUBYA (ER Diagram)

FINNIN 3.26 LLNuﬂW‘WLLﬂmmmimﬁuﬁ'ﬁzWJ’Nﬁm;gﬂ (Entity Relationship Diagram)

FaunseenuuuingzdiuConceptual Design 7BUARIAIMNANNIETMINS Entity T4 Entity 71

BoanANANRHE 3z wazlsuans Attributemns AfTuuaas Entity Zvanntsaszylaon

Attribute 1idmin Attribute 7iiuAEMAN (Primary Key) %38 AttributefiiiuAisians  (Foreign

%3 . { '® ' & < o/ s
Key) vidadniiin Attribute Ailnleisfenanuazfieaseq



3.3.4 wqumﬂiuﬁ'ﬂﬂﬂ (Data Dictionary)
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@Wﬂﬂ"l‘jﬂﬂﬂLLUU‘E&UUQ"IHT?&N%Qﬁﬂ"l‘jf‘\ajﬂﬂ"l‘ﬁzlmﬁquﬂﬂﬂ;lj’& FIFINITNDDNULL

gruvayamiuszuufivsznaulUmemsnsesyanis q faf

AN 3.23 WAANZBANTINYNNNAYBITTULFINYDYA

AR FoAn919 Ugzian Tuaziden
1 olympic Master %ﬂ&dﬂiﬂﬁﬂﬂﬂﬁgﬂﬂﬂﬂ
2 oly_sport Reference gﬂgﬂﬁWWLLﬁeiM
3 oly_years Reference gﬂaj@ﬂmiuﬁ\aﬁu
4 oly_team Reference %ﬂéd@ﬁizmwmmﬂdﬁu
5 oly_country_code Reference gﬂgﬂ%ﬂﬂlﬂﬂ‘i: NIl
6 oly_country Reference %@?fd@%ﬂﬁi:ﬁmﬂ
7 oly_medall Reference ?jymj@m‘%my
8 oly_gender Reference ?]lm;JlﬂLWﬂ

ANEBLNY UTTNNABIATTIN (AWA Transaction MNIeE N9 MNARNNSW RSN A9IT8Y

2BYA Reference NHNLTY AT MNENNTD9BITVBYA Master ANTI9YDYANAY




@Wﬂ@]"l‘ﬂ\‘i‘ﬂﬂﬂﬁ"luﬂ@Hﬂﬂ"l&l’]‘iﬂLLN@Q‘i"IﬂZ\]ZL’ﬁﬂﬂT@WQﬁ

%

Wﬁ'Nﬁ 3.24 LAAITIUALLBEAUBIAITN olympic

133

FaM199 : olympic

U329m1919 : Master

AraBune: royaladndniomnn

a° o .
PENAN :id_oly
b

Agga9 : id_oly

Lﬂ@]‘ﬂg,ﬂ?dﬂ ARALRZAUIN ANTHNHNE g
id_oly int (11) SWAIBYANITUINTTIVNA | 1
oly_sport_id tinyint (3) iﬁﬂ%ﬂﬁd@ﬁﬂ’]ﬁﬁﬂﬁuﬂﬂﬁu 53 = shooting
oly_year_id tinyint (4) iﬁﬂ%ﬂﬁj@ﬂmmﬁﬁu 22 = tokyo
oly_event varchar (200) gﬂﬁ@ﬂ’i&ﬂﬂﬁﬂﬁﬁuﬁﬂfu Trap Mixed Team
oly_gender_id tinyint (1) iﬁﬂ%ﬂﬁj@mﬂ 3 = Mixed
oly_medal_id int (1) ﬁﬁﬂ%ﬂﬁm‘iﬂ%ﬁm 1= gold
oly_team_id int (1) S EY B HAU52LANN9 | 2 = GameTeam

waedny

oly_ct_id int (3) ﬁﬁﬂ%ﬂﬁ@ﬂ‘ixmﬂ 122 = Spain
oly_cted_id int (3) sWaneyatanelszng 122 = ESP




Wﬁ'Nﬁ 3.25 LAANIIEAIAEAUBIAITN oly_sport
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FaM1979 : oly_sport

Ag989 : oly_sport_id

ALan : oly_sport_id

U92nNM1919 : Reference

ANBTLNY: payanHIueed

UAYDYA ARAUALUUA AITHNNE LN
oly_sport_id tinyint (3) TiRYeyaiWAdA1suBedu | 53 = shooting
sportname varchar (200) | #aAWIAEI8INGY Archery
sportnameth varchar (250) | ZafiWnniuning Bany
Wﬁ’Nf‘l 3.26 uaAIINEAzIAEAUDIA1T oly_years
FaM1979 : oly_years

U92nNM19719 : Reference

FneBune: 2ayadnisueady

a° o .

PENAN : id_years_number

AY989 : id_years_number

\UAUDYR ARALRLAUIA AITNIHE PLIIN,
id_years_number tinyint (2) inrayadnisueeiy 1
years tinyint (4) IR ETI /NI 1896
yearsname varchar (200) | #adniguasdu athens




Wﬁ'Nﬁ 3.27 LaAPNT1azBaAaINT19N oly_team

135

%@m‘m : oly_team
U92nNM1919 : Reference
ANBTUNY: gﬂgﬂﬁﬁ:mwmmﬂd{l’u
AEnan : oly_team_id

a i .
AYSBN : oly_team_id

G2 RE ARALRZUWIA ATHANE LN
oly_team_id tinyint (1) T N2 ﬂﬁiﬂﬂ‘j:ﬂﬂ“ﬂﬂ’]ﬁ 1
Nt
teamtype varchar (200) | FaUTLANNITUINDH Athlete
Wﬁ’Nf‘l 3.28 uAAIINEAIAEAADIAIT I oly_country_code
Fam719749 : oly_country_code
U92nNM1919 : Reference
ANeTUNY: 28YaTBYBUTEINA
ALNAN : oly_countrycode_id
Aga9 : oly_countrycode_id
UAUDYA ARAUALYUR ATHNNE PLIIN,
oly_countrycode_id | tinyint (3) WRYDYATRYBLUTUNA 17
countrycode varchar (3) TnaUszmne BRA




Wﬁ'Nﬁ 3.29 uAANINEAZIAEAUDIAITI oly_country
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F9M1979 : oly_country
U92nNM1919 : Reference
ANBTLNY: 2BYATRLTLNA
ac o .
PgNAan : oly_country_id

b

AL9a9 : oly_country_id

L2AVDHA ARALRZUWIA ATTNIANE LN
oly_country_id tinyint (3) TinveyaBaUsnA 17
countryname varchar (200) %ﬂﬁi:mﬂﬂﬁmé’\mqw Brazil
country_name_th varchar (250) | Zaszmeniunng U91ER

AN997l 3.30 UAAIIIEAZBEATBIANT oly_medal
¥@m1979 : oly_medal
U92nNM19719 : Reference
ANBBUNY: YBYATHEY
= s [ %
AYNAN : oly_medal
A L3
AYSBN : oly_medal

L2AUDHA ARARRZUWIA ATTNINE LN
oly_medal_id tinyint (1) TRYBY AT Y 1
medaltype varchar (10) | Tawiasey Gold




Wﬁ'Nﬁ 3.31 LA azBA2RIRN19Y oly_gender

137

FaM71979 : oly_gender
U92nNM1919 : Reference

ANBEUNY: ABYALNA

ALNAn : oly_gender_id

A L4

AYSDN : oly_gender_id

)

LWI“ZI@QA”Z\] ARALRLYWA FITHWNHTE (?TQ@EJ’N
oly_gender_id tinyint (1) TARYDYRINA 3
gendertype varchar (10) | FBLWe Mixed (LWAINEN)
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Hnyafiin Olympic Predict
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